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Abstract

Child and family social workers routinely make professional judgements involving sig-

nificant legal and moral questions (e.g. whether a child has been abused) and more

‘everyday’ issues (e.g. will the child be re-referred again if we close the case now?)

Yet the world is capricious, and we rarely know with certainty what is going to hap-

pen in future or the likely impact of our different choices. Given the consequences of

their judgements and decisions, it is imperative that social workers are provided with

the best possible support. This paper reports a proof-of-concept study of a set of

interventions to improve the judgemental accuracy of social workers: (i) a survey to

identify respondents with above-average existing abilities, (ii) training sessions on

cognitive debiasing and (iii) structured group working and (iv) three methods for

aggregating individual judgements. Findings indicate that it is possible to measure the

accuracy of social work judgements in relation to case-study materials and retrospec-

tive questions, while the feedback about the training was largely positive. Any future

studies should aim to recruit a more diverse set of respondents, test judgemental

accuracy in relation to prospective judgements and explore what types of questions

would be most helpful for real-world decision-making.
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1 | BACKGROUND

The importance of judgement and decision-making in statutory child

and family social work cannot be overstated. Social workers make ‘deci-
sions that are life changing, such as whether a child needs to be

removed from a family’ and ‘countless decisions everyday … that are

less high profile’ (Taylor &Whittaker, 2018, p. 105). As important, social

workers make many judgements where they are not (solely) responsible

for the decision - about the likelihood of significant harm to children,

the possible impact of different interventions, and the potential conse-

quences of different choices (Taylor, 2017). Such judgements may be

evaluated against a broad set of criteria (Hood et al., 2022), including

accuracy (the extent to which they are corroborated by other knowl-

edge and empirical events), adherence with good practice (the extent to

which they accord with the law, professional ethics and values), consis-

tency (the extent to which they are made similarly in similar cases), dis-

crimination (the extent to which they are made differently in different

cases), equity (the extent to which people from different demographic

and socio-economic groups are treated fairly) and outcomes (the extent

to which they enhance child and family wellbeing). Irrespective of the

criteria, ‘judgement and [decision making] in this field are highly skilled

activities’ (ibid, p. 7) with ‘professionals working in the most challenging

Received: 18 October 2023 Revised: 5 January 2024 Accepted: 12 January 2024

DOI: 10.1111/cfs.13146

This is an open access article under the terms of the Creative Commons Attribution-NonCommercial-NoDerivs License, which permits use and distribution in any

medium, provided the original work is properly cited, the use is non-commercial and no modifications or adaptations are made.

© 2024 The Author. Child & Family Social Work published by John Wiley & Sons Ltd.

948 Child & Family Social Work. 2024;29:948–959.wileyonlinelibrary.com/journal/cfs

https://orcid.org/0000-0003-2780-0385
mailto:wilkinsd3@cardiff.ac.uk
https://doi.org/10.1111/cfs.13146
http://creativecommons.org/licenses/by-nc-nd/4.0/
http://wileyonlinelibrary.com/journal/cfs
http://crossmark.crossref.org/dialog/?doi=10.1111%2Fcfs.13146&domain=pdf&date_stamp=2024-02-20


of circumstances, balancing conflicting needs and views, juggling

resources and making the finest of professional judgements’ (Scottish
Executive, 2006, p. 13). Given their obvious importance, it may be sur-

prising that social workers rarely receive feedback on the quality of their

judgements and decisions (Kirkman & Melrose, 2014, p. 18) and that lit-

tle or no specific training exists (Featherston et al., 2019) or has been

evaluated (Hood et al., 2022, p. 28).

Although this may be true for social work, in fields such as busi-

ness, economics and politics considerable efforts have been made to

find and develop ways of supporting human judgement and decision-

making. In particular, the American political scientist Philip Tetlock

and colleagues have shown that it is possible with a combination of

targeted selection, training, group work and aggregation to signifi-

cantly improve judgemental accuracy (Atanasov et al., 2020; Chang

et al., 2016; Friedman et al., 2018; Karger et al., 2022; Mellers

et al., 2017, 2019; Moore et al., 2017; Tetlock et al., 2014; Tetlock &

Gardner, 2016). Despite this, it is important to acknowledge from the

outset the vast differences that exist between business, economic

and political judgements, and those made by social workers (Taylor &

White, 2006). Any attempt to learn from Tetlock's research and apply

the lessons for social work must be done cautiously and with a view

to adaptation. Thus, this article describes a proof-of-concept study in

which a set of interventions based on Tetlock's studies were tested to

explore whether and how they might be feasible in social work.

1.1 | Accuracy in social work judgements

That social workers need to have ‘good judgement’ is axiomatic. The

nature of good judgement is not, and there are various ways of defining

and measuring it. As noted, accuracy is one such criteria. In a recent lit-

erature review, Hood et al. (2022) found seven studies with a focus on

accuracy, which they defined as ‘the extent to which decisions are cor-

roborated by other knowledge’ (p. 5), including (but not limited to) sub-

sequent actions and events. Three of these studies were based in the

UK. Dickens et al. (2007) considered differences in care rates between

English local authorities (LAs) to investigate the connection between rel-

ative need and the frequency of children entering care. The writers con-

cluded that ‘it is hard to say whether there are children who need to

become looked after, but who do not’ (p. 607). Forrester (2008) tracked
400 referrals to social services, finding that most were quickly closed,

and examined how many were re-referred due to suspected maltreat-

ment. If the child was re-referred quickly, this might suggest the initial

judgement was inaccurate. However, Forrester concluded that ‘the
level of accuracy for the identification of risk of serious abuse appears

comparatively high’ (p. 296). Finally in the UK, Farmer and Lutman

(2014) examined 138 cases of children returning home from foster care.

They discovered that 59% of them experienced recurrent maltreatment

over a 5-year period, and 65% returned to foster care, which they inter-

preted as a sign of inaccurate judgement (p. 265).

Of the international studies, Cross and Casanueva (2009) examined

a sample of 4000 American child maltreatment substantiation decisions.

They found that caseworker judgements of risk, harm and evidential qual-

ity were associated with the final decision. They calculated a predictive

accuracy of between 73.5% and 79.4% for unconfirmed maltreatment

and between 77.5% and 87.2% for substantiated maltreatment. How-

ever, DePanfilis and Girvin (2005) found that only 42% of 129 similar

decisions from New Jersey were accurate. The final two international

studies explored the use of structured judgement and decision-making

tools. In their study, Cyr et al. (2022) found that an attachment-based tool

increased the accuracy of judgements about subsequent child abuse. Yet

according to Gillingham and Humphreys (2010), practitioners may be

tempted to ‘strategically’ adjust the information they enter into such

tools to ensure the outcome reflects their own professional judgements.

In some of my own research, accuracy has been measured by ask-

ing respondents to judge the likelihood of future actions, events, and

outcomes in relation to case vignettes, based on anonymized real-life

referrals to social services in England (Table 1). Based on these

vignettes, social workers on average do slightly better than you would

expect by chance and about the same in relation to their own case-

work (Wilkins & Meindl, 2022).

TABLE 1 An example of an anonymised referral used previously
in Wilkins and Meindl (2022) to evaluate the accuracy of social work

judgements.

Referral received from the police regarding Poppy:
‘Mother called the police at 2 am due to domestic violence incident

between her and her partner whereby mother has sustained an

injury to her forehead due to Mr E having thrown a CD at her.

Mother is reported to have been heavily intoxicated, mother

reported that the domestic violence has been going on for several

years but has not been reported before. Mother refused to make a

statement and was taken by police to extended family for her own

safety. It is understood at the time that Mr E did not know where

she was going. However, a further call to the police was made to

report that Mr E had subsequently collected the mother from the

address, this call was made by extended family members, and it was

reported that Mr E was under the influence of alcohol. Mr E was

seen by police with the children in the car, he was stopped and

found to be 2� over the legal limit for alcohol and had enough

cannabis on his person to suggest he is a habitual user. Mother has

been given advice by the police but has not followed it. Mother is

refusing to submit a formal complaint about her partner. The

children did appear well kempt however the home environment

was chaotic’

In response to this referral, using a scale of 0–100 (where

0 = impossible and 100 = certain), how likely are the following

outcomes:

• No further action

• An assessment

• Emergency removal into care

• Something else

Within the next 6 weeks, how likely is the child to be made subject to:

• No plan

• A child in need plan

• A child protection plan

• A looked after child plan

Within the next 12 weeks, how likely is the child's father to attend an

appointment with a drug and alcohol service?

Within the next 6 months, how likely is there to be another referral

about this child?

Within the next 6 months, how likely is it that this child will come into

care?
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It is important to note that all these studies, including my own,

employ somewhat different conceptions and ways of measuring accuracy.

This makes it hard to directly compare them. Notably, UK researchers

tend to gather information on decisions and deduce the underlying judge-

ments (e.g. Forrester, 2008), while the two American studies gathered

data on judgements and decisions separately. In my work, I have so far

gathered data about judgements only, and not decisions.

1.2 | How can you improve judgemental accuracy?

In their studies, Tetlock et al. have shown how it is possible to

improve human judgemental accuracy under the right conditions.

They do so via a four-stage set of interventions—(i) selecting people

with existing attributes related to more accurate judgement, notably

open-mindedness, critical thinking and pattern recognition, (ii) training

in cognitive debiasing, (iii) providing a structure for effective group

work and (iv) applying algorithms to aggregate individual judgements

(Figure 1).

Following these methods, participants have typically outper-

formed the accuracy of judgements made by various comparison

groups, including prediction markets (Atanasov et al., 2017) and intelli-

gence analysts by up to 70% (Tetlock & Gardner, 2016). While the

kind of questions addressed in these studies are a world-away from

those that matter in social work, one can hypothesize that the same

interventions could be adapted for use in social work. After all, quali-

ties such as open-mindedness and critical thinking are already valued

by the profession (Mathias, 2015), as is group work to improve critical

thinking (Lietz, 2008, 2009). With greater judgemental accuracy comes

not only the potential for more effective decision-making—intended

actions having their intended effect (Munro, 2019b)—but a greater

possibility of satisfying the moral imperative to act with fairness

and proportionality, for example, balancing the child's need for protec-

tion with their parent's right to a private family life (Masson, 2006).

1.3 | Summary

Social workers routinely make judgements about children and families.

The quality of which can be evaluated against various criteria, includ-

ing accuracy. This is perhaps most obvious in relation to risk assess-

ment, which inevitably involves ‘predictions [about whether] current

behaviour will continue … about the impact of known future events …

and about an escalation of the current maltreatment’ (Munro, 2019b,

p. 147). However, it also applies to judgements in general, whenever

they involve ‘[generating] expectations about the world and the

results of our actions’ (Sayer, 2010, p. 69). With this definition in

mind, it is quite hard to think of a social work decision that does not

(or should not) involve at least some consideration of what might or

might not happen as a result. Studies of social work judgements find a

range of accuracy levels, and although making consistently accurate

judgements is difficult—albeit this depends on the question1—it is pos-

sible to make improvements. This paper reports a proof-of-concept

study of Tetlock's et al.'s interventions, to explore whether they might

be feasible for social work. The research questions were as follows:

1. Can Tetlock et al.'s methods be used with social workers and in

relation to social work-related questions?

2. What adaptations might be needed to make them suitable for

social work?

2 | METHODS

A proof-of-concept study aims to explore questions of feasibility

(Schmidt, 2006). They can be helpful for determining whether a new

concept or approach has potential for use in a new way, in a new con-

text or at a larger-scale, and to identify prospective challenges and limi-

tations. The results are often used to guide further investigation and

develop more comprehensive studies in future. The interventions tested

here were devised and developed entirely by Tetlock and colleagues

(see www.goodjudgement.com), and no credit is being claimed for them.

For this study, the interventions were undertaken as follows:

1. Identify respondents with above-average existing abilities via an

online survey.

2. Sub-sample invited to attend training sessions on cognitive

debiasing.

3. Training sessions on structured group working.

4. Individual judgements aggregated using three different methods

(figure 2).
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F IGURE 1 Tetlock et al.'s four-
stage model for improving judgement
accuracy.

1On a scale of 0–100 (where 0 = impossible and 100 = certain), will the sun rise tomorrow?
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More generally, the study fits within an overall methodology of

improving the quality of social work decision-making (Hilder &

Whittaker, 2023).

2.1 | Stage 1: Recruiting and screening
respondents

In stage 1, 130 staff in one local authority in England were invited to

take part in a survey, including managers, social workers, family sup-

port workers, and administrators. The survey, hosted via Qualtrics

(March 2020, Qualtrics, Provo, UT), was organized into three parts. In

part one, respondents gave data about their personal and professional

demographics, including sex, age, length of social care experience, role

and team. Part two consisted of three standardized measures: (i) the

Critical Reflection Test (Toplak et al., 2011), to measure critical reflec-

tion; (ii) a shortened version of Raven's matrices (McLeod &

McCrimmon, 2021) to measure fluid intelligence or pattern recogni-

tion; and (iii) the Actively Open-minded Thinking (AOT) test (Janssen

et al., 2020), to measure open-mindedness (see table 2). These mea-

sures were used to replicate the approach devised by Tetlock et al. in

their studies (Mellers et al., 2015). They use them because the

F IGURE 2 An overview of the four
stages of the study.

TABLE 2 An overview of the three measures used in part one of the survey, how they are scored and how they were combined to give an
overall percentage rating per respondent.

Measure description Scoring

The Critical Reflection Test (Frederick, 2005) is designed to measure a respondent's ability

to over-ride intuitive incorrect responses and engage in further reflection to find the

correct response. It typically includes three items, for example: A bat and a ball together

cost $1.10. The bat costs $1 more than the ball. How much does the ball cost?

The CRT predicts the ability to make more unbiased judgements and decisions in a variety

of contexts (Primi et al., 2016)

1 point per correct answer (min = 0, max = 3)

Raven's Matrices (Raven, 2008) are designed to measure a respondent's eductive ability

(the ability to make sense of complexity). In our study, we used five items in which

respondents were asked to identify the next sequential shape, or the missing piece from

an image. While there is some debate (ibid) over the meaning of the results, it is widely

believed they provide a test of general cognitive abilities (de Winter et al., 2023)

1 point per correct answer (min = 0, max = 5)

The Actively Open-minded Thinking test (Stanovich & Toplak, 2023) is designed to measure

a respondent's willingness to consider alternative options, postpone closure, sensitivity to

evidence contradictory to existing beliefs, and reflective thinking. In our study, we used

13 items (e.g. people should take into consideration evidence that goes against their

beliefs) and a five-point Likert-scale from strongly agree to strongly disagree. Open-
minded thinking is associated with performance on most rational thinking tasks (ibid)

Overall score obtained via a mean average (min = 1,

max = 5)

For the purpose of selecting high-performing survey respondents, we combined the

individual scores for each measure per respondent

Individual scores for the CRT, Raven's matrices and

AOT combined and converted into a percentage.

Respondents with >66% were invited to take part in

stage 2
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characteristics measured—critical reflection, pattern recognition and

open-mindedness—are associated with the ability to make more accu-

rate judgements. For Tetlock et al., they recruit high performers in

order to win forecasting tournaments (Tetlock et al., 2014). While it

was not the aim of this study to win a forecasting tournament, it is

reasonable nonetheless to replicate Tetlock et al.'s methods as faith-

fully as possible before considering what adaptations might be needed

for social work.

In the third part of the survey, respondents were randomly

assigned to answer questions about one of two case vignettes, based

on anonymized real-life referrals to social services (referred to as

Clarke and Poppy; see table 1 for an example). For each question,

respondents used a numerical scale from 0 (impossible) to 100 (certain)

to judge the likelihood of the specified outcome. A Brier score

(Brier, 1950) was calculated for each answer, and an overall Brier

score (via a mean average) for each respondent (Table 3). Brier

scores provide a measure of accuracy, ranging from 0 to 2, whereby

0 indicates perfect accuracy and 2 indicates perfect inaccuracy. This

was done to see whether answering questions about case vignettes

might be used to provide an estimate of pre-training judgemental

accuracy.

Of those who completed at least the first two parts of the survey

(n = 68), a sub-sample (n = 22) were invited to attend stage 2 training

sessions, based on their combined score for the CRT, Raven's matrices

and AOT measure. All respondents with a mean average of >66%

were invited, a cut-off pre-determined on the basis that it represented

a reasonable level of ‘high-performance’.

2.2 | Stage 2: Training in cognitive debiasing

In stage 2, selected respondents were invited to attend two online

training sessions, each lasting for 90 min. Facilitated by the author, who

has previously been trained by the Good Judgement Project directly,

these sessions focused on cognitive debiasing. Respondents were

provided with information about common cognitive biases and a series

of mitigation strategies (Table 4). The rationale is that Tetlock et al

have found such training leads to a �10% benefit in judgemental accu-

racy when compared to a no-training condition (Tetlock et al., 2014).

2.3 | Stage 3: Training in structured group-work

In Stage 3, the same respondents were invited to attend another

online training session. This introduced respondents to the Delphi

method for structured group discussions (Linstone & Turoff, 1975).

Typically, this involves two rounds of discussion, in which respon-

dents formulate their own judgements, before discussing as a group,

updating their individual judgements and discussing again as a group

in order to reach a conclusion (table 5). The rationale for is that

Tetlock et al. have found a �10% boost in judgemental accuracy

(measured using Brier scores) via the Delphi-method, relative to indi-

vidual judgements (Tetlock et al., 2014). All respondents who

attended at least one of the training sessions were asked to complete

a brief feedback survey.

TABLE 3 Calculating a Brier score.

The formula for Brier scores is as follows, where x = the forecast for

the outcome that does occur and y = the forecast for the outcome

that does not occur.

(1 � x)2 + (0 � y)2 = z

Thus, if you forecast a 75% chance that a child will be re-referred

within the next 6 months, and they are, your Brier score would be

as follows:

(1 � 0.75)2 + (0 � 0.25)2 = 0.125

If you made the same forecast and the child was not re-referred, your

Brier score would be as follows:

(1 � 0.25)2 + (0 � 0.75)2 = 1.125

TABLE 4 A brief overview of the cognitive bias training intervention used in this pilot study.

Cognitive bias Mitigation strategies

Anchoring bias Identify a suitable base-rate and amend your judgement from that starting point

Base-rate

insensitivity

When forming a judgement, start with the base-rate (the outside view), before considering specific details (the inside view). Do

not start the other way around (inside view first, then outside view)

Over-confidence Participants completed a confidence calibration test, which showed they were all over-confident about their general knowledge

of social work. From this, participants were asked to consider the mismatch between their subjective sense of confidence, and

their real-world knowledge, and to take this into account when forming a judgement

Scope

insensitivity

Participants were asked to consider practice questions resolving over different timeframes, and to notice that as the length of

time increases, so does the likelihood of the outcome (and that the likelihood can never be lower for a longer timeframe

compared to a shorter one)

Conjunction

fallacy

Participants were given examples of how some outcomes seem more likely when they are embedded within a plausible narrative

and prompted to reflect on how easy it is to be swayed by a good story

Emotional bias Participants were asked to reflect on the lack of association between something being desirable and its likelihood (and vice

versa)

Note: This is not a direct replication of the more in-depth and sophisticated training used by Tetlock et al., but our simple adaptation of it.
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2.4 | Stage 4: Post-training measurement of
accuracy

Finally, in stage 4, respondents were invited to attend three follow-up

sessions, facilitated by the author, during which they answered ques-

tions in relation to three case vignettes, one of which (Michael) was

new to everyone and two of which (Clarke and Poppy) had been seen

previously by half the respondents in the stage 1 survey. In keeping

with the proof-of-concept methodology, the aim was not to ascertain

the efficacy of the interventions, but the feasibility of comparing

respondents' pre- and post-training accuracy using case vignettes

(Table 6) and of aggregating their individual judgements using three

different methods. The first involved a simple mean average (taking

the sum of individual judgements and dividing by the number of

respondents). The second involved an extremizing algorithm. This

worked by increasing or decreasing the aggregated judgement of the

group, depending on the direction of change between the first and

second Delphi rounds (steps 1 and 3 in Table 5, above). If the mean

judgement of the group went up, the algorithm increased the final

judgement by 25%, to a maximum of 100%. If the mean judgement of

the group went down, the algorithm decreased the final judgement

by 25%, to a minimum of 0%. For the example given in Table 5, this

would result in a final judgement of 13.9% (and for a negative out-

come, a Brier score of 0.04). The logic is that especially when groups

of people do not know each other very well, their judgements tend to

congregate around 50% (Baron et al., 2014). An extremizing algorithm

helps correct for this bias (Dana et al., 2019). The third method

involved a best-performer algorithm. This was used to identify the top

performers in the group and aggregate only their judgements (using a

mean average). The logic is that it makes common sense to place

greater weight on judgements made by respondents with the best

track records (Hanea et al., 2018). For the example given in Table 5, if

Persons A and B were the best performers, this would result in a final

judgement of 12% (and for a negative outcome, a Brier score of 0.03).

To implement this algorithm, respondents with the highest survey

scores (>90%) for the CRT, Raven's matrices and AOT measures were

selected.

2.5 | Ethics

The study was approved by the School of Social Science ethics com-

mittee (Cardiff University) and conducted in accordance with the

TABLE 5 A hypothetical example of a structured group
discussion, based on the Delphi method.

An example of a group discussion, structured using the principles of

the Delphi method, in relation to the following hypothetical

question:

• How likely is there to be another referral about this child in the next

6 months?

Step 1: Each member of the group makes an individual estimation,

without conferring. These are then shared with the rest of the

group. For example:

• Person A: 15%

• Person B: 2%

• Person C: 25%

• Person D: 58%

(mean average: 25%)

Step 2: Each member of the group is invited to justify their own

estimation and ask questions of one another about the other

estimations

• Person A: I think because the current referral is not that serious,

it's not that likely

• Person B: I think the parents look like they are going to engage

with the assessment, so I think that will lower everyone's anxiety

• Person C: I think if you look at the history, this child has been

referred before, and this is now the second time in 2 years, so on

that basis I think it would be 50% in the next 12 months, and so

25% for the next 6 months.

• Person D: I think that the referrer is just very anxious, looking at

their language, and so whatever happens, and given the young age

of the child, I think they will make another referral again pretty

soon

Step 3: After the discussion, each member of the group is asked to

update their individual estimation

• Person A: 18%

• Person B: 6%

• Person C: 20%

• Person D: 30%

Step 4: The updated individual estimations are shared and aggregated

(which can be achieved in various ways, the simplest being via a

mean average)

• Final group judgement: 18.5%

• Assuming a negative outcome for the original question, this would

result in a Brier score of 0.07, and for a positive outcome a Brier

score of 1.33

TABLE 6 An overview of the case vignettes used in the study.

Pseudonym

for the child Brief details of the referral and example questions

1. Poppy Female pre-school child referred by police in relation

to concerns about parental alcohol misuse and

domestic abuse

• In the next 12 weeks, how likely is there to be

another referral made about this child?

• Within the next 6 months, how likely is it that the

child will come into care?

2. Clark Unborn child referred by midwife team in relation to

concerns about mother's presentation and lack of

engagement

• In response to this referral, how likely is there to

be a social work assessment?

• In response to this referral, how likely is there to

be no further action?

3. Michael Male 1-year-old child, removed from the care of his

mother due to concerns about substance misuse;

now living with his father

• Within the next 4 weeks, how likely is it that the

mother will attend at least one session of contact?

• In three months, how likely is it that the child will

still be living with his father?
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British Association of Social Workers' Code of Ethics (Butler, 2002).

Respondents were required to provide written consent (before the

start of the stage 1 survey). All data were anonymized at the point of

collection, and no identifiable information about any child or family

was sought, shared or collected. Participation in the study was volun-

tary, and respondents were reminded at the start of each stage and

training session that they could opt out without giving a reason. Any

data provided were liable for inclusion in the analysis.

3 | FINDINGS

This section presents the findings from the proof-of-concept study

outlined. At the outset, 130 members of staff were invited to take

part, of whom 111 clicked on the survey link and 68 completed the

survey sufficiently for inclusion, that is, they completed all three stan-

dardized measures (Table 7).

The aggregated results for the three standardized measures (CRT,

Raven's matrices and AOT) are shown in Table 8. All respondents who

provided their work email address (indicating consent to be contacted)

and scored >66% for the combined percentage variable (n = 22) were

invited to the stage 2 training. Of these, 18 attended at least one

session, while 11 attended all three and provided feedback (Tables 9

and 10). These data indicate that Tetlock et al.'s methods for identify-

ing individuals with above-average skills of good judgement (critical

reflection, open-minded thinking and pattern recognition) can work

with social workers. As can Tetlock et al.'s approach to training for

cognitive debiasing and structured group work.

Following the training, the respondents who attended the follow-

up sessions were able to read case vignette information and answer

questions to enable the calculation of Brier scores (Tables 11–13). It

was also possible to aggregate their individual judgements using a sim-

ple mean, an extremizing algorithm and a best-performer algorithm.

Of these, lower Brier scores were generally achieved via the best-

performer algorithm. While not the purpose of the study, these data

may provide very tentative evidence that by selecting, training and

combining the individual judgements made by social workers, greater

levels of accuracy could be achievable.

4 | LIMITATIONS

The limitations of the study include the small size of the sample and in

relation to the stage 1 survey its self-selecting nature. The study was

also located within only a single local authority. There is also a high

risk of researcher bias, as the author designed the study, facilitated

the training and follow-up sessions and collected the data. Finally,

less-than-ideal comparators were used for the post-training measures

of judgemental accuracy, with two of the case vignettes having been

seen previously by at least some of the respondents. While these

limitations are broadly acceptable from the perspective of a proof-

of-concept study, they mean the findings must be interpreted with

caution. Altogether, this limits the ability to make claims about

whether and to what extent the accuracy of social work judgements

can or should be improved using these interventions. Importantly, no

such claims are being made.

5 | DISCUSSION

That the interventions explored in this study can result in significant

improvements in judgemental accuracy cannot be in any reasonable

doubt (Mellers et al., 2017; Mellers et al., 2019). The question is

TABLE 7 Overview of respondents' personal and professional
characteristics.

Variable Options N

% of

total

Sex Male 7 10.3

Female 61 89.7

Prefer not to answer 0 0.0

Gender Man 7 10.3

Woman 61 89.7

Nonbinary 0 0.0

Other 0 0.0

Prefer not to answer 0 0.0

Age group 18–24 5 7.4

25–34 23 33.8

35–44 24 25.3

45–54 12 17.6

55–64 4 5.9

65+ 0 0.0

Ethnicity White (English, Welsh, Scottish,

Northern Irish or British)

59 86.8

White (any other background) 3 4.4

Other (various options combined) 6 8.8

Social work

qualified

Yes 44 64.7

No 21 30.9

No response 3 4.4

Social care

experience

1 year or less 6 8.8

1–3 years 13 19.1

4–6 years 20 29.4

7–9 years 5 7.4

10+years 24 35.3

Team Referral and assessment (R + A) 9 13.2

Child in need/ child protection

(CIN/CP)

18 26.5

Edge of care 9 13.2

Disabled children's team (DCT) 8 11.8

Looked after children (LAC)/leaving

care (LC)/fostering and adoption

(F + A)

11 16.2

Other 13 19.1
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TABLE 8 Overview of survey
respondents' scores for the three
standardized measures.

N Min. Max. Mean Std. deviation

Raven's matrices overall 68 0.00 5.00 3.3088 1.32999

AOT overall 68 2.89 4.78 4.0637 0.38169

CRT overall 68 0.00 3.00 0.8824 1.19113

Valid N (listwise) 68

TABLE 9 Details of the 18 respondents who attended at least one training session.

Personal/professional characteristics Standardized measures Training session

ID Sex Age SW Team Exp. CRT AOT Raven's matrices Combined (%) 1 2 3

1 M 25–34 Y Other 4–6 3 4.86 5 98.9 Y Y Y

2 F 25–34 Y CIN/CP 1–3 3 4.44 5 95.7 Y N N

3 F 35–44 N CIN/CP 4–6 3 3.78 5 90.6 Y Y Y

4 F 18–24 N DCT 1–3 3 4.56 3 81.2 Y Y Y

5 M 25–34 Y Other 1–3 3 4.44 4 88.0 Y Y Y

6 F 25–34 Y Other 4–6 3 4.00 4 84.6 N Y Y

7 F 35–44 N Other 4–6 3 4.33 3 79.5 Y Y Y

8 F 25–34 Y CIN/CP 1–3 2 4.22 4 78.6 Y Y Y

9 M 35–44 Y CIN/CP 10+ 1 4.67 5 82.1 Y Y Y

10 F 45–54 Y CIN/CP 10+ 1 4.44 4 72.6 N Y Y

11 F 25–34 Y CIN/CP 1–3 1 4.78 3 67.5 Y Y N

12 F 45–54 Y Other 10+ 1 4.44 4 72.6 Y N N

13 F 25–34 Y R + A 4–6 2 4.33 3 71.8 Y Y Y

14 F 35–44 N Other 4–6 3 4.00 4 84.6 Y Y Y

15 F 55–64 N CIN/CP 4–6 2 4.11 4 77.8 Y Y N

16 F 45–54 Y LAC 10+ 1 4.67 3 66.7 Y Y N

17 F 25–34 Y R + A 1–3 2 4.44 3 72.6 Y Y Y

18 F 18–24 N CIN/CP <1 1 4.86 3 68.2 Y Y Y

Overall mean average 2.11 4.41 3.83

TABLE 10 Feedback on the training sessions, provided by 11 respondents in total.

From 1 to 10, please rate: N Min. Max. Mean Std. deviation

Rate your own knowledge of cognitive biases before the training 11 2 7 3.90 1.524

Rate your own knowledge of cognitive biases after the training 11 6 9 7.30 0.949

Rate your own knowledge of effective group working (e.g. the Delphi method) before the training 11 1 5 2.20 1.317

Rate your own knowledge of effective group working (e.g. the Delphi method) after the training 11 4 8 6.20 1.229

Rate the applicability of the training for social work practice with children and families 11 6 10 8.30 1.703

Rate how likely you are to recommend this training. 11 7 10 8.90 1.287

Valid N (listwise) 11

TABLE 11 Brier scores for the Clarke case vignette (pre- and post-training).

N Min. Max. Mean Std. deviation

Stage 1 survey 33 0.06 1.09 0.65 0.286

Post-training (group aggregate, mean average) 10 n/a n/a 0.30 n/a

Post-training (group aggregate, extremizing) 10 n/a n/a 0.22 n/a

Post-training (group aggregate, best-performer) 4 n/a n/a 0.22 n/a
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whether such interventions can—or should—be adapted for social

work, if so how, and to what benefit? Of the 130 people invited to

take part, 52% (n = 68) completed the survey sufficiently for inclu-

sion. Of these, 32% (n = 22) were invited to take part in the stage

2 and 3 training. Of these, 81% (n = 18) attended at least one session,

and 54% (n = 12) attended all three. Finally, 50% (n = 9) of the sub-

sample attended at least one stage 4 follow-up session. These figures

indicate that, despite their high workloads, a number of social workers

and other members of staff were willing to attend training sessions

and provide post-training data to help develop and measure the accu-

racy of their judgements. The same figures also illustrate the challenge

of attrition, as the number of respondents fell at each stage, such that

by stage 4, only 13.2% (n = 9) of those who completed the stage

1 survey were still involved (albeit the majority of these were not

invited to participate as per the study design). In combination with the

generally positive training feedback (Table 10), these figures suggest

that Tetlock et al.'s methods can be used with social workers.

Of course, the judgements and decisions made by social workers

are much more complex than being simply a question of accuracy. As

such, it is important to ask whether and to what extent increased

accuracy would make a difference for social work, and what

opportunity-cost there might be relative to other important areas for

development, such as supervision more generally (Beddoe &

Wilkins, 2019; Wilkins & Jones, 2018). Even if we did agree that

increased accuracy is a goal worth seeking, there are various ways it

may be achieved—including through the use of structured decision-

making tools (Shlonsky & Wagner, 2005) and actuarial risk assessment

models (Johnson, 2011). In any case, arguments about the value of

accuracy are underpinned by the theory of judgemental rationalism

(Bhaskar, 2013) and the claim that veracity is a relational property of

reality (Moore, 1901; Russell, 1984). Individuals can make rational

judgements about the world, albeit there are always limitations to our

knowledge. The most we can often hope for is practical adequacy

(Sayer, 2010)—to use our knowledge to generate expectations about

the world and the likely consequences of our actions. The accuracy of

these expectations matters ‘because people act upon their beliefs—

whether [they] are true or not’ (Boghossian & Lindsay, 2019, p. 5).

When we make (more) accurate judgements, we can make (more)

effective decisions by identifying actions that (i) are in the best inter-

ests of the child and family, (ii) are more likely to achieve their

intended outcomes and (iii) are more aligned with our goals and values

(Hastie & Dawes, 2009; Paternoster & Pogarsky, 2009). This is espe-

cially important in high-risk situations where the consequences of

these decisions will be most significant (Benbenishty et al., 2015;

Healy et al., 2009). Thus, while the judgements made by social

workers must always involve moral and practical considerations

(Taylor & White, 2006), they also need to be well calibrated

(Keren, 1991) and based on sufficiently accurate world-models such

that (more) effective decisions can be made, and actions taken that

are (more) likely to achieve their intended outcomes (Munro, 2019a).

5.1 | Adapting the interventions and next steps

Based on the learning from this study, there are (at least) two adapta-

tions that could help make these interventions more suitable for social

work. First, selecting respondents with above-average existing abili-

ties is useful when your aim is to win forecasting tournaments

(Tetlock et al., 2014). It is less useful if your aim is to improve the

overall quality of judgement (and decision-making) within diverse

social work teams. In future studies, it would be constructive to

include a wider sample of respondents, with a range of abilities

(of critical reflection, open-minded thinking and pattern recognition),

to understand how the same training for cognitive debiasing and

group work might improve—or not—the judgemental accuracy of more

mixed groups. It would also be beneficial to explore the use of the

Delphi method with mixed groups too, for example, comparing groups

composed solely of high-performers, and groups with a mixture of

high-performers and others.

Second, it is important to think how best to identify questions

that really matter for social workers (and for children and families).

This study, and others (Wilkins & Meindl, 2022), have shown it is

TABLE 12 Brier scores for the poppy case vignette (pre- and post-training).

N Min. Max. Mean Std. deviation

Stage 1 survey 35 0.11 0.83 0.52 0.103

Post-training (group aggregate, mean average) 11 n/a n/a 0.40 n/a

Post-training (group aggregate, extremizing) 11 n/a n/a 0.46 n/a

Post-training (group aggregate, best-performer) 3 n/a n/a 0.41 n/a

TABLE 13 Brier scores for the Michael case vignette (post-training).

N Min. Max. Mean Std. deviation

Michael's allocated social worker (Wilkins & Meindl, 2022) 1 n/a n/a 0.42 n/a

Post-training (group aggregate, mean average) 11 n/a n/a 0.40 n/a

Post-training (group aggregate, extremizing) 11 n/a n/a 0.46 n/a

Post-training (group aggregate, best-performer) 3 n/a n/a 0.41 n/a

956 WILKINS

 13652206, 2024, 4, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/cfs.13146 by W

elsh A
ssem

bly G
overnm

ent, W
iley O

nline L
ibrary on [11/11/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense



possible for social workers to answer retrospective questions about

case vignettes, and to measure the accuracy of their responses, for

example, whether a child will come into care, whether there will be

another referral or another police call-out to the home. And yet such

questions may be of limited value for ongoing casework. Future stud-

ies should focus much more on the issue of what questions to ask,

how they might be generated (Gruetzemacher, 2022) and how form-

ing more accurate judgements about such questions could inform

social work decision-making. For example, it may be that the ques-

tions that matter most to social workers are essentially ‘unanswer-

able’ (or at least endlessly debateable), such as ‘will this child be safe?’
or ‘will this child's wellbeing be promoted more effectively if they

come into care or remain with their family’? The method of reciprocal

forecasting (Karger et al., 2021; Karger et al., 2022) whereby people

are asked to make forecasts about each other's forecasts may be

worth exploring with social workers.

Following this proof-of-concept study, it would be instructive to

run the study again with a larger sample, so that, for example, every-

one who completes the stage 1 survey is invited to attend training. It

would also be worthwhile constructing different types of groups fol-

lowing the training, so that some are composed entirely of high per-

formers, while some are mixed. This would help demonstrate whether

and to what extent the efficacy of the training depends on the

involvement of high-performing social workers or whether it can be

useful for those with less developed skill-sets to begin with. It would

also be useful to explore how the same methods work prospectively

rather than retrospectively, for example, if social workers were to con-

sider questions in relation to their own ongoing casework (where the

outcome is unknown because it has yet to happen) instead of case

vignettes (where the outcome has already happened but is unknown

to those taking part in the study).

6 | CONCLUSION

The quality of judgements and decisions made by social workers is a

central component of humane and effective practice and an important

area for research. In this study, a set of interventions developed for

use in other fields were tested with social workers for the first time.

Ultimately, the judgements and decisions made by social workers are

moral and political, as much as they are technical and rational

(Taylor & White, 2006). Yet the ability to make more accurate judge-

ments has the potential to help us achieve our moral and political

objectives, even while providing a technical-rational way of conceptu-

alizing good judgement (Hammond, 2000). In conclusion, these find-

ings indicate that further, larger and more rigorous studies of these

interventions can be warranted for social work.
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