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Abstract

Social workers routinely make decisions and formulate care plans in the course of
their work with children and families. These decisions and care plans are based at
least in part on the professional judgement of the worker. An important component
of judgemental quality is the extent to which explicit or implicit forecasts about the
likelihood of different future actions and events are made with accuracy. In this arti-
cle, we report an analysis of 21,193 forecasts made by 581 child and family social
workers in England about the likelihood of different future actions and events follow-
ing referrals to children’s services. We found that the more likely social workers said
an action or event was to happen (as the forecast likelihood increased towards 100
per cent), the more often it occurred. However, we also found that social workers
tend to over-estimate the likelihood of almost all specified future actions and events.
Social workers were most accurate when forecasting something to be very unlikely,
and less accurate when they forecast something to be likely or very likely. We con-
sider these findings in relation to false positive and negative errors in child protection,
and the theory of judgemental rationalism.
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Introduction

Social workers routinely make judgements and decisions as part of their
day-to-day work with children and families. Such judgements are made
whenever ‘a professional considers the evidence about the client or fam-
ily situation [and reaches] a conclusion or recommendation’ (Taylor,
2013, p. 10). Social workers will ‘make many judgements where [they]
recommend a course of action even if [they] do not make the final deci-
sion’ (Taylor, 2017, p. 105). Perhaps most significantly, child protection
social workers make judgements about whether children are at risk of
significant harm (Allen, 2005). Almost every decision involves some kind
of judgement, however implicit, about the ‘likelihood of various events’
(Eysenck and Keane, 2015, p. 547), and the possible consequences of dif-
ferent choices (Haran and Moore, 2014, p. 5). For example, if a social
worker thought that further incidents of domestic abuse were very likely,
they would make different decisions than if they thought such incidents
were very unlikely. Sometimes, social workers make individual judge-
ments; more often they do so in collaboration with others, including
supervisors, other professionals, children, parents and wider family mem-
bers. The quality of social work judgements, and the accuracy of the im-
plied or explicit forecasts they represent, are important not least because
‘people act upon their beliefs—whether [they] are true or not (and it’s
far easier to be wrong than right)’ (Boghossian and Lindsay, 2019, p. 5).

Judgemental rationalism

There are various criteria that can be used to evaluate the quality of social
work judgements (see Hood er al, 2022). For this study, the theory of
judgemental rationalism provides a useful framework (Bhaskar, 2013).
Judgemental rationalism suggests that whilst there can never be a 1:1 corre-
spondence between our judgements, and the world-as-it-really-is, nonethe-
less our judgements ‘generate expectations about the world and about the
results of our actions’ (Sayer, 2010, p. 69). Hence, one component of good
judgement is the ability to forecast the likelihood of future events and
actions. Not only so one can make (more) effective decisions, but also be-
cause of the moral imperative to act fairly, to balance the child’s need for
protection with the parent’s right to a private family life (Masson, 2006).

The problem of negative and positive errors in child protection

In child protection, Munro (2004, 1999) has applied the concept of false
negative and positive errors to help explain judgemental accuracy. As
shown in Figure 1, if a social worker inaccurately judges a child to be
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Actual — child is ‘safe’ | Actual — child is ‘not-
safe’
Judgement — child is True negative False negative
‘safe’
Judgement — child is False positive True positive
‘not-safe’

Figure 1: Error types when judging whether a child is ‘safe’ or ‘not-safe’.

‘safe’, they make a false negative error, whereas an inaccurate judgement
that a child is ‘not-safe’ would be a false positive error (Figure 1).

Whilst these error types can have different consequences—for the
child and family, and for the social workers and other professionals in-
volved—one of the key features of many Serious Case Reviews (formal
case enquiries held in England whenever a child has been seriously
harmed or killed, and maltreatment is suspected to be a factor) is
whether the outcome was or should have been foreseeable ahead of time
(Sidebotham, 2012). Yet questions about whether social workers should
be able to make accurate forecasts are practical-moral as well as
technical-rational (Taylor and White, 2001, 2005). Ultimately, there can
be no absolute standards for judgemental accuracy in social work —not
least because the world is a complex and capricious place, and because
people have free-will.

Can social workers make accurate judgements?

In a recent literature review, Hood et al. (2022) identified three UK and
four international studies with a focus on the accuracy of social work
judgements. They defined accuracy as ‘the extent to which decisions are
corroborated by other knowledge’ (p. 5), including (but not limited to)
subsequent actions and events following the decision.

Of the three UK studies, Dickens ef al. (2005) examined care rate var-
iations between English local authorities (LAs) and explored the rela-
tionship between relative need and the rate of children starting to be
looked after. The authors concluded that ‘it is hard to say whether there
are children who need to become looked after, but who do not’ (p. 607).
Forrester (2008) collected data on 400 referrals, all of which were closed
relatively quickly. Forrester analysed how many were subsequently re-
referred because of actual or suspected maltreatment. The logic is that if
the initial referral was closed and the child quickly re-referred, then the
original judgement was potentially inaccurate. However, as Forrester
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found that only 11 of the 400 children were re-referred, he concluded
‘the level of accuracy for the identification of risk of serious abuse
appears comparatively high’ (p. 296). On the other hand, Farmer and
Lutman (2014) analysed 138 cases in which a child returned home from
care. Over a 5-year period, they found that 59 per cent of these children
were subsequently maltreated and 65 per cent came back into care (p. 265),
which they took to indicate a low level of judgemental accuracy.

Of the international studies, Cross and Casanueva (2009) considered a
sample of 4,000 child maltreatment substantiation decisions in America.
They examined whether caseworker judgements of harm, risk and
strength of evidence could predict the outcome, finding that these deci-
sions did vary depending on these criteria. They also found that allega-
tions of maltreatment towards girls were more likely to be substantiated
than for boys. By using a logistic regression, they estimated a predictive
accuracy of between 77.5 per cent and 87.2 per cent for substantiated,
and between 73.5 per cent and 79.4 per cent for unsubstantiated cases.
However, when DePantfilis and Girvin (2005) analysed a similar sample
of 129 decisions from New Jersey, they found that only 42 per cent were
accurate. Cyr et al. (2022) evaluated an assessment tool and established
that it could improve the accuracy of judgements about subsequent child
maltreatment, whilst Gillingham and Humphries (2010) found that practi-
tioners would selectively use a Structured Decision-Making tool to en-
sure it confirmed their own judgements. It is worth noting that these
studies used different conceptions of accuracy and different methods for
measuring it. This makes it difficult to compare them directly. It is also
worth noting that the UK studies collected data on decision outcomes
and inferred the underlying judgements. By contrast, the American stud-
ies collected data on judgements and decisions separately.

In our study, we set out to measure the accuracy of social work fore-
casts more directly. We did so by asking practitioners to read a series of
anonymised referrals, and answer questions about the likelihood of sub-
sequent actions and events. We then examined how many of these
actions and events happened or did not happen. Our research question
was as follows:

When social workers make forecasts about the likelihood of specific
actions and events, how often do they occur?

A word on definitions

Before describing our methods, it is important to define some key terms.
We start with Taylor’s definition of a ‘judgement’ as something formed
whenever a social worker ‘considers the evidence about the client or
family situation [and reaches] a conclusion or recommendation’ (Taylor,
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2013). Social workers make judgements to inform their own decisions,
and to inform decisions made by others. We define a decision as being a
‘commitment to action’ (Wood, 2004), an agreement or determination to
do something or that something should happen. An effective decision is
one that achieves its intended outcome (Drucker, 1967). A decision to
keep a child safe by placing them in foster care is effective if the child is
kept safe, without necessarily being right (perhaps the child would have
been safe at home with more intensive support services). The judgements
made by individual workers may inform but do not dictate decision-
making. If a social worker says that a child is at risk of significant harm,
some response is called for but there is no one right thing to do. The ac-
tion taken should be commensurate with the judgement, whilst consider-
ing other factors, especially the child and parent’s wishes and feelings,
the legal framework, equitable use of resources and professional ethics
(see Wilkins and Boahen, 2013).

We also refer to forecasts (or probability estimates) as one component of
judgemental quality. A forecast is a statement about how likely something
is to happen. It is not the same as a prediction (unless you make a forecast
of 0 per cent or 100 per cent). A prediction is a statement about what you
think will happen. If you predict a 100 per cent chance of snow tomorrow,
you will be right or wrong. If you forecast an 80 per cent chance of snow,
you cannot be right or wrong—although you can be more or less accurate
(if it does snow, an 80 per cent forecast is more accurate than a 60 per
cent forecast). You can only obtain a meaningful measure of accuracy in
relation to a sufficiently large set of forecasts. Making a ‘lucky guess’ that
it is going to snow tomorrow does not make you a good weather fore-
caster. It is also important to consider the nature of the forecasting envi-
ronment. Forecasting that it is going to be sunny in Hawaii tomorrow does
not make you a good weather forecaster either (it is almost always sunny
in Hawaii). To measure the accuracy of a forecast, you need to know what
happened. For any given set of forecasts, you can calculate the observed
frequency of the specified actions and events (the outcome). For example,
if a perfectly accurate weather forecaster says there is an 80 per cent
chance of snow on a given set of days, it would snow on precisely 80 per
cent of those days, giving an observed frequency of 0.8. If it snows on
more or less than 80 per cent of days, the observed frequency would be
more or less than 0.8. The greater the difference between the forecast
probability (for a given set of forecasts) and the observed frequency (ditto),
the less accurate the forecasts (and by implication, the forecaster).

Methods

In a series of online surveys hosted on Qualtrics (copyright © 2022,
Provo, Utah; https://www.qualtrics.com), respondents were presented
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Table 1. An overview of the referrals used in our survey

Pseudonym Brief details

for the child

1. Aadesh Male pre-school child referred by community mental health team in relation to
concerns about domestic abuse in the home.

2. Ava Female pre-school child referred by nursery in relation to concerns about
neglect.

3. Clark Unborn child referred by midwife team in relation to concerns about mother’s
presentation and lack of engagement.

4. Emelia Female baby referred by CAFCASS in relation to concerns about domestic abuse
and physical abuse.

5. Malalai Female teenager referred by hospital emergency department in relation to con-
cerns about self-harm and domestic abuse.

6. Omar Male primary-school child referred by another LA in relation to concerns about
parental learning difficulties and domestic abuse.

7. Poppy Female pre-school child referred by police in relation to concerns about parental
alcohol misuse and domestic abuse.

8. Salma Female teenager, referred by the police in relation to concerns about possible

sexual exploitation, having shared explicit images of herself with an adult.

9. Stephanie Female primary-school child referred by CAFCASS due to allegations made by
the mother in relation to father’s partner during private family court
proceedings.

10. Taryn Male teenager referred by mother in relation to concerns about emotional and
behavioural difficulties.

11. William Male teenager referred by police in relation to concerns about domestic abuse.

12. Wooten Unborn child referred by another LA in relation to concerns about maternal

mental health problems and learning difficulties.

with anonymised referrals to social services and asked to forecast the
likelihood of different subsequent actions and events (Meindl and
Wilkins, 2021). For example, whether there would be a social work as-
sessment, whether the LA would arrange a strategy meeting, whether
the child would come into care and whether the mother or father would
attend a future appointment (see Table 1 for an overview of the referrals
and Table 2 for a more detailed example.). For each possible action or
event, respondents provided a forecast using a numerical scale from 0 to
100, in which 0= will definitely not happen, and 100 = will definitely hap-
pen. We could then compare respondents’ forecasts with what actually
happened, as derived from the case file records subsequent to each refer-
ral. Thus, our dataset consisted of (i) a collection of numerical forecasts
(0-100 per cent) made by social workers in relation to twelve referrals
and associated questions and (ii) for each forecast whether the specified
event or action (the outcome) happened or did not happen (1, 0).

Sampling

Respondents were recruited to complete the survey via social media
requests and by direct email invitation (circulated within a small number
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Table 2. A more detailed example of one of the referrals used in our survey studies, and a selec-
tion of the associated questions

‘Il am concerned about Aadesh (aged 11) and his siblings due to domestic abuse at home.
Aadesh’s uncle is drug taking and selling within the family home, this is having a grave effect
upon his mental health. There is domestic violence between mother and her brother-in-law. He
is known to use cannabis, heroin and crack-cocaine. He was previously admitted to a mental
health unit under section. Diagnosed with schizoaffective disorder and a personality disorder.
The children must be witnessing domestic violence and | think they would be scared of their
uncle. I've spoken to the mother, and she said she is scared of him and they cannot ask him to
leave the home in case he reacts aggressively. | think he may also be drug dealing within the
home. He is currently under a community mental health treatment order’. (Referral received
from a community mental health nurse.)

Within the next 12 weeks, how likely is it that Aadesh will become the subject of a child protec-
tion plan?

Within the next 12 weeks, will the LA convene a strategy meeting?

Within the next 6 months, will there be another referral about Aadesh?

Within the next 6 months, will Aadesh come into care?

of LAs in England). All respondents self-declared that they were (i) a
qualified social worker and (ii) currently practicing with children and
families in England. Reflecting the wider workforce, most of our
respondents were female (85.2 per cent); approximately one-third were
in the age range 25-34 (34.9 per cent), and another approximately one-
third aged between 35 and 44 (30.7 per cent). Most identified themselves
as White English, Welsh, Scottish, Northern Irish or British (86.1 per
cent). Nearly one-quarter said they had been qualified as a social worker
for between 1 and 3years (23.6 per cent), whilst approximately one-third
said they had more than 10years’ experience (35.1 per cent). Finally,
just over a quarter worked in child in need or child protection teams
(26.6 per cent), and around one in ten worked either in a Referral
and Assessment team (11.4 per cent) or with Looked After Children
(12.7 per cent). As with all non-probability sampling, we relied on the
availability and interest of respondents to take part, resulting in a non-
representative sample.

Data analysis

In 1950, Glenn Brier, working for the federal Weather Bureau in
America, published a paper on the verification of forecast outcomes. He
collected eighty-five rain forecasts, expressed in numerical terms, and
organised them into five categories from least to most likely. He then ob-
served the proportion of cases in which it had rained. For an ideally cali-
brated forecaster, there would be a linear relationship between the
forecast and the observed frequency of outcomes. Whilst this degree of
accuracy is impossible to achieve in real-life, you might still expect that
as the forecast increased, so the observed frequency of outcomes also in-
creased. As shown in Figure 2 and Table 3, this is what Brier (1950)
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Figure 2: A comparison of expected frequencies and observed frequencies for rain
forecasts from the early 1950s (Brier, 1950). The observed frequency is below the
expected frequency indicating overestimation (it rained less than forecast). If the ob-
served frequency was above the expected frequency, this would have indicated under-
estimation (it rained more than forecast).

Table 3. A comparison of forecasted probability, expected frequency and observed frequency in
relation to rain forecasts from the early 1950s (Brier, 1950)

Forecasting probability Expected frequency Observed Difference between
(category) (for a perfectly accurate frequency expected and
forecaster) observed outcomes
0.00-0.19 (very unlikely) 0.10 0.07 —0.03
0.20-0.39 (unlikely) 0.30 0.10 -0.20
0.40-0.59 (evens) 0.50 0.29 —0.21
0.60-0.79 (likely) 0.70 0.40 -0.30
0.80-1.00 (very likely) 0.90 0.50 —0.40

found —although he also discovered that weather forecasters routinely
overestimated the chances of rain, and increasingly so as their forecasts
approached 100 per cent.

We replicated this approach in our analysis. Using Microsoft Excel for
Mac (version 16.69), we grouped our forecasts together using the same
categories as Brier (1950) and labelled them —very unlikely (for forecasts
of 0-19 per cent), unlikely (20-39 per cent), evens (40-59 per cent), likely
(60-79 per cent) and very likely (80-100 per cent). The observed fre-
quency of outcomes was then calculated for each category by counting
the number of events and actions that happened, comparing this with the
overall number of forecasts, and calculating the frequency. For example,
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assume a set of 100 forecasts, and that the specified actions and events
occurred ninety times. This would result in an observed frequency of
0.90. We applied this approach to the entire dataset (n =21,193), by sort-
ing all the forecasts into the categories described above, and then for
each category counting how many of the forecast events happened or
did not happen. We then did the same again in relation to each individ-
ual referral (i.e., we sort the forecasts made in relation to each referral
into these same categories and for each category counted how many of
the forecast events happened or did not happen). Throughout, we used
descriptive statistics only, and did not test to see if the differences be-
tween forecast and observed outcomes were statistically significant.

Ethics

Approval for data collection was provided by the School of Social
Sciences’ ethics Committee at Cardiff University. As part of the in-
formed consent process, we asked respondents for their permission to re-
use their data in future secondary analyses.

Results

As social workers’ forecasts increased towards 100 per cent, so did the
observed frequency of specified actions and events. When social workers
judged an action or event to be very unlikely (a forecast of 0-19 per
cent) it happened less often than when they judged the action or event
to be unlikely (20-39 per cent). When they judged the action or event to
be unlikely, it happened less often than when they judged the action or
event to be likely (60-79 per cent)—and so on. We also found that social
workers routinely overestimated the likelihood of the specified action or
event, unless they were forecasting that it was very unlikely (0-19 per
cent)—in which case, as shown in Figure 3 and Table 4, the specified
actions or events happened slightly more often than anticipated.

We also considered forecasts in which social workers were certain
(when they forecast either 0 per cent = will definitely not happen, or
100 per cent = will definitely happen). As shown in Figure 4, when social
workers said the specified action or event would definitely not happen, it
occurred 9 per cent of the time; when they said the specified action or
event would definitely happen, it occurred 65 per cent of the time.

We then considered the difference between the expected frequency
and the observed frequency in relation to the forecasting categories. As
shown in Table 5, we found that for most of them, the difference be-
tween the minimum and maximum observed frequencies was between
0.35 and 0.44, apart from the most likely category (80-100 per cent),
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Figure 3: A comparison of expected frequencies and observed frequencies for social
worker forecasts. The observed frequency is below the expected frequency indicating
overestimation (outcomes mostly occurred less often than forecast).

Table 4. A comparison of expected outcomes (for an idealised forecaster) and verified outcomes
in relation to social work forecasts

Forecast range Number of Expected frequencies Observed Difference between
forecasts (for a perfectly frequency of expected and
accurate forecaster)  outcomes observed frequencies
0.00-0.19 (very unlikely) 6,849 0.10 0.128 +0.028
0.20-0.39 (unlikely) 2,385 0.30 0.237 —0.063
0.40-0.59 (evens) 4,053 0.50 0.293 —0.207
0.60-0.79 (likely) 3,763 0.70 0.396 —-0.304
0.80-1.00 (very likely) 4,143 0.90 0.602 —0.298
Total 21,193 - - -

where the difference was 0.70. When social workers forecast that an ac-
tion or event was very unlikely (0-19 per cent), the proportion of ob-
served outcomes fell between 0.02 and 0.38. When social workers
forecast the action or event was unlikely (20-39 per cent), the proportion
of observed outcomes fell between 0.00 and 0.43. However, when social
workers forecast the action or event was very likely (80-100 per cent),
the proportion of observed outcomes fell between 0.09 and 0.79. Thus, if
a social worker said that an action or event was very unlikely or unlikely,
it would probably happen no more than four times in every ten.
However, if a social worker said that an action or event was very likely,
it could happen as often as eight times in ten, or less than one time
in ten.
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Figure 4: A comparison of expected frequencies and observed frequencies for social
work forecasts made with absolute certainty (either 0= definitely will not happen or
100 = definitely will happen).

Table 5. The range, maximum and minimum for the proportion of observed outcomes in each
forecasting category

Forecast category Observed Min. Max. Difference
frequencies observed observed between min.
(mean) frequency frequency and max. observed

frequencies

0.00-0.19 (very unlikely) 0.14 0.02 0.38 0.36
0.20-0.39 (unlikely) 0.27 0.00 0.43 0.43
0.40-0.59 (evens) 0.28 0.11 0.55 0.44
0.60-0.79 (likely) 0.38 0.22 0.57 0.35
0.80-1.00 (very likely) 0.59 0.09 0.79 0.70

Finally, we considered the frequency of observed outcomes for the
forecasting categories in relation to each referral. Figure 5 shows that
(i) as the forecasts increased towards 100 per cent , the specified actions
and events happened more often and (ii) the general trend of over-
estimation. We also observed some apparent similarities and differences
between the referrals. For referrals 1 and 12, the forecasts made in the
very unlikely category (0-19 per cent) trended towards over-estimation
(the specified actions or events almost never happened, when you would
expect a frequency of 0.1). This included a mixture of possible outcomes,
including the likelihood of another referral, of the child coming into
care, or the LA holding a strategy meeting. On the other hand, for refer-
rals 3, 9 and 11, the proportion of observed outcomes in the very likely
category (80-100 per cent) was very low (no higher than 0.20). As indi-
cated in Table 1 (above), referral 1 involved a pre-school child and
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Figure 5: A comparison of observed frequencies for social work forecasts made in
relation to each of the referrals individually.

concerns about domestic abuse concerns. Referral 12 involved an unborn
child and concerns about maternal mental health problems and learning
disability. What these two referrals might have in common to explain the
similar pattern of over-estimating very unlikely events is hard to say.
Likewise, referral 3 involved an unborn child and a perceived lack of
maternal engagement, whilst referral 9 involved a primary-school age
child and problems in private family proceedings. Referral 11 involved a
male teenager and concerns about domestic abuse. Again, what might
link these referrals such that respondents significantly over-estimated the
likelihood of very likely actions and events is difficult to discern. It may
be that these similarities are less explicable by reference to the nature of
the referrals, and more influenced by the specificity of the information
(Platt, 20006).

Discussion

Based on more than 20,000 forecasts made by nearly 600 social workers
in relation to twelve referrals, we found that for each step-increase in
forecasting category, the specified action or event was more likely to
happen. When social workers judged that an action or event was un-
likely, it occurred on average less often than when they judged an action
or event to be likely. Thus, the general trend was in the right (i.e., more
accurate) direction. However, much like American weather forecasters in
the 1950s, social workers consistently overestimated the likelihood of
specified actions or events, unless they judged them to be very unlikely
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(in which case, they slightly underestimated them). When social workers
were certain that something would not happen, it happened on average
around one time in ten. When social workers were certain that some-
thing would happen, it happened on average less than seven times in
ten. The range of observed outcomes suggests that these judgements
would in many cases lack ‘practical adequacy’, such that the workers’
expectations about the world would often go unrealised (Sayer, 2010).
This is not the same as saying that social workers are good at judging
when something will not happen, and less good at judging when it will. It
is the task of estimating the specified outcome, whether defined posi-
tively or negatively, that seems to pose the challenge, and not the nature
of the event itself. Of course, one can frame forecasting questions so that
anyone can accurately estimate the outcome. For example, how likely is
it that the sun will rise tomorrow? So likely as to be practically certain.
Or, how likely is it that you will win millions of pounds on the national
lottery in the next week? So unlikely as to be practically impossible.
There are not many judgements in social work that would be similarly
certain or uncertain and yet still worth making. Instead, it may be that
social workers routinely operate outside the bounds of the genuinely
foreseeable (at least, without the dubious benefits of hindsight). Thus—
to reiterate—we have not found that social workers can judge when
something will not happen (e.g., a re-referral will not be made) whilst be-
ing less good at judging when it will (e.g., a re-referral will be made).
Rather, both ‘types’ of outcome (positive and negative) are inherently
challenging to foresee and based on our data, we cannot say that one is
any easier to forecast than the other. In future, we want to explore in
more detail the issue of whether and what differences there are in fore-
casting accuracy in relation to different question types, the characteristics
of the individual worker (e.g., levels of experience) and the organisa-
tional context. For example, can social workers make more accurate
forecasts about procedural responses than they can about the behaviour
of parents and young people?

Perhaps the most pressing question is whether these results are reflec-
tive of actual practice. It is important to acknowledge that these judge-
ments were made under study conditions, far removed from the ways in
which social workers would normally respond to referrals. However,
whether implicitly or explicitly, social workers make professional judge-
ments in their day-to-day work all the time, and one aspect of this is
whether they can anticipate the likelihood of future actions and events.
In many forecasting studies, it has been found that what predicts greater
judgemental accuracy is not subject expertise, but a more diffuse set of abili-
ties, such as pattern recognition, critical reflection and open-mindedness
(Mellers et al., 2014, 2015a,b, 2017, 2019). In fact, subject expertise has
been associated with less accuracy, perhaps because it can engender
over-confidence (Arkes, 2001) Thus, whilst the study conditions were

GZ0z Ateniged pz uo Jasn preog yjesH ANSISAIUN SjeA PUE JIpJeD Selep SHN Aq L0LZ8EL/0S L L/E/PS/IoIe/ms(g/woo"dno oiuapese//:sdiy Woly papeojumod



Can social workers estimate future likelihood? 1163

artificial, this does not imply that judgements made by social workers in
practice conditions would necessarily be more accurate (although they
could be).

Hindsight bias and the influence of organisational conditions

Munro (2019) has noted that when we review social work judgements
and decisions, we are often prone to hindsight bias—thinking that what
seems obvious now, should have been obvious at the time. In day-to-day
practice, it has also been suggested that social workers tend to be over-
optimistic (Child Safeguarding Practice Review Panel, 2020, p. 9), sus-
ceptible to the availability heuristic (how easy it is to think of examples),
confirmation bias (looking for evidence to confirm an existing view),
groupthink (striving for consensus), decision avoidance (postponing for
as long as possible) and emotional bias (Department for Education,
2014, pp. 22-27). Yet it would be meaningless to consider human judge-
ment separately from context (Rose, 2016). Whilst individual cognitive
debiasing training may result in a ~10 per cent improvement in forecast-
ing accuracy (Morewedge et al., 2015), the real challenge is to recognise
that ‘situations can be more or less error-provoking [and to] create [con-
ditions] in which errors are less likely’ (Reason, 2009, p. 32). Other fac-
tors associated with forecasting accuracy include—having more
deliberation time (Mellers et al., 2015a) and structured collaboration in
diverse groups (Onkal ef al., 2011). In social work, several authors have
noted the significant influence of organisational culture. Munro and
Hubbard (2011) identified the influence of factors such as alignment be-
tween organisational and individual goals, the negative impact of stress
resulting from excessive workloads, and whether errors are treated as op-
portunities for learning or not. Similarly, Platt and Turney (2014)
explained how individual judgements are mediated via policy and organi-
sational contexts.

Conditions of uncertainty: false positive and false negative errors

Thus, it would be a mistake to focus solely on the individual and over-
look the complex ecology and conditions of uncertainty within which so-
cial work happens (Baumann et al., 2014). There is an unavoidable
chance of error when making judgements and not primarily because of
individual deficits (Munro, 2020). As it is impossible to make entirely ac-
curate judgements in social work, there must always be a balance be-
tween false positives and false negatives (Wilkins and Meindl, 2023). The
degree to which these error types are acceptable is determined not by
the individual, or by social work organisations, but by wider society
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(Munro, 2020). One interpretation of our results is that when asked to
make any kind of judgement, social workers have ‘learned’ not to make
the mistake of underestimation. In other words, it is ‘safer’ (psychologi-
cally, professionally, organisationally) to say something is more likely to
occur than less. If so, this would be a problematic basis on which to
make decisions. Yet it would also be understandable, as it is for making
false negative errors that social workers are most often criticised. In a
national review into the tragic deaths of Star Hobson and Arthur
Labinjo-Hughes (Child Safeguarding Practice Review Panel, 2022), it
was suggested that workers demonstrated ‘a lack of critical thinking’
(p- 8). The report said we ‘need ... sharper specialist child protection
skills and expertise, especially in relation to complex risk assessment and
decision-making’ (p. 8). When such awful events are reported in the me-
dia, it is common to see social workers castigated for missing ‘obvious’
signs of maltreatment (Cavanagh and Sims, 2021)—for making false neg-
ative errors. Formal case reviews are only rarely held because of false
positive errors (Cousin ef al., 1991), and whilst there is some reporting of
‘unnecessary’ child protection investigations and interventions, these are
usually less high-profile and employ less incendiary language. Social
workers are spat at in the street when they ‘miss’ child abuse, not when
they place children into care ‘unnecessarily’ (BBC, 2021).

Services have tended to respond to this challenge ‘by lowering the
threshold for intervention to minimise the chances of missing another
child in such extreme danger’ (Munro, 2020, p. 87). All else being equal,
this results in more families being subject to child protection investiga-
tions, a growing proportion of which result in no further action (Bilson
and Martin, 2016). And whilst it would be easy to criticise organisations
for lowering thresholds, it is a reasonable response to these wider pres-
sures. When you are repeatedly disparaged for missing ‘obvious’ signs of
maltreatment, ‘the easiest coping response is the crudest form of organi-
sational learning: whatever you do next time, don’t make the last mis-
take. In signal detection terms, you ... shift your response threshold for
‘crying wolf” (Tetlock and Mellers, 2014, p. 11575).

Limitations of the study

There are three main limitations to our study. First, we recruited a non-
probability sample. All such samples are skewed in more and less obvi-
ous ways. As such, we do not make any claims of generalisability.
Second, we could not consider systematically the differences between
question types and referrals. This is something to explore in future stud-
ies, alongside the influence of factors such as individual experience,
workloads and organisational values. Finally, we asked respondents to
make forecasts by reading anonymised referrals and completing a survey.
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This is not how social workers make judgements in real-life. Hence,
these findings may not reflect the accuracy that social workers achieve in
practice. It is also possible that by asking social workers to express their
judgements using a numerical scale, they were biased towards over-
estimation (feeling more confident that they knew what was going to
happen). On the other hand, over-confidence is a common finding in the
literature on judgement and decision-making and in many different
fields, and numerical scales may actually provide one way of reducing
over-estimation (Arkes, 2001; Russo and Schoemaker, 1992).

Conclusion

There can be no objective standard as to what level of accuracy social
workers ‘should” be able to achieve, and in relation to what kinds of
questions. Using a baseline of common sense, one would expect that so-
cial workers should make forecasts more accurately than chance (e.g.,
compared to flipping a coin) and our results suggest that they often
can—even when presented only with very limited referral information,
and in the absence of other contextual information that would be avail-
able in real-life practice settings. Thus, in many ways the respondents in
our study performed admirably in achieving the reported level of
accuracy.

In a more perfect world, social workers would never ‘miss’ a case of
child abuse or neglect—in a truly perfect world, there would be no child
abuse or neglect to miss—but we do not live in a perfect world. Given
this unfortunate reality, what can we do, other than accept an apparently
continual lowering of intervention thresholds? If we believe that social
work judgements are already being made at the limits of the forecasting
frontier (Tetlock et al., 2012), there may not be much else we can do.
Yet if we can ‘facilitate higher-order forms of learning that push out per-
formance frontiers, not just shift response thresholds’ (Tetlock and
Mellers, 2014, p. 11575) then we might be able to reduce positive and
negative errors of judgement at the same time. The welcome news is
that ‘good judgement can be learned, honed, and sharpened’ (Mellers
et al., 2017, p. 379).

Making judgements under conditions of uncertainty ‘is one of the most
pervasive and difficult aspects of life. Uncertainty ... makes error inevi-
table, and error makes injustice unavoidable’ (Hammond, 2000, p. 35).
Thus, we must not be surprised that social workers make judgemental
errors. After all, when ‘irreducible uncertainty exists in the environment,
then all our knowledge will not completely eliminate all errors from our
actions” (Hammond, 2000, p. 20). However uncomfortable it may be, we
must (learn to) tolerate such uncertainty. But we make it even harder
for social workers to make accurate forecasts when they are castigated
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and attacked for making false-negative errors. Within this context, it is
understandable to over-estimate the likelihood of almost all actions and
events, with the aim of ‘not missing’ anything. Yet there are also costs—
personal, social and financial—to this approach. Whilst it is an under-
standable and absolute priority to protect children from abuse and ne-
glect, ‘shifting the decision criterion ... does not affect the total amount
of injustice; it [only] changes its allocation’ (ibid, p. 45).
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