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Dysfunction 
of the hypothalamic‑pituitary 
adrenal axis and its 
influence on aging: the role 
of the hypothalamus
Melanie Spindler 1,2*, Marco Palombo 3, Hui Zhang 4 & Christiane M. Thiel 1,2,5

As part of the hypothalamic‑pituitary adrenal (HPA) axis, the hypothalamus exerts pivotal influence on 
metabolic and endocrine homeostasis. With age, these processes are subject to considerable change, 
resulting in increased prevalence of physical disability and cardiac disorders. Yet, research on the aging 
human hypothalamus is lacking. To assess detailed hypothalamic microstructure in middle adulthood, 
39 healthy participants (35–65 years) underwent comprehensive structural magnetic resonance 
imaging. In addition, we studied HPA axis dysfunction proxied by hair cortisol and waist circumference 
as potential risk factors for hypothalamic alterations. We provide first evidence of regionally different 
hypothalamic microstructure, with age effects in its anterior–superior subunit, a critical area for HPA 
axis regulation. Further, we report that waist circumference was related to increased free water and 
decreased iron content in this region. In age, hair cortisol was additionally associated with free water 
content, such that older participants with higher cortisol levels were more vulnerable to free water 
content increase than younger participants. Overall, our results suggest no general age‑related decline 
in hypothalamic microstructure. Instead, older individuals could be more susceptible to risk factors of 
hypothalamic decline especially in the anterior–superior subregion, including HPA axis dysfunction, 
indicating the importance of endocrine and stress management in age.

Beginning in middle adulthood, the human body undergoes considerable changes, including downregulation 
of the endocrine system and hormone production, physiological decline, and alterations of energy homeostasis, 
possibly leading to muscle loss and  obesity1,2. To maintain metabolic functioning throughout the lifespan, the 
hypothalamus, a small diencephalic region, is essential. It controls body homeostasis for instance through hor-
mone secretion, thereby regulating the autonomic nervous system, circadian rhythm, and stress  response3,4. It is 
well established that hypothalamic damage is associated with dysfunction of the hypothalamic–pituitary–adrenal 
axis (HPA axis), for example through overnutrition and chronic stress, resulting in metabolic (e.g., obesity and 
type II diabetes) and mood  disorders5,6. By contributing to microinflammation, these are proposed to drive 
cellular aging processes associated with functional decline in age and age-related  disease7. In animals, proin-
flammatory mediators like nuclear factor-κB were shown to promote oxidative stress leading to cell death and 
are associated with iron accumulation in different areas of the  brain8–11. Meanwhile, iron deposition can itself 
contribute to inflammation in the  brain12. Overall, inflammation, cell death, and iron accumulation are associated 
with neurodegenerative diseases, such as Alzheimer’s and Parkinson’s disease, but also accompany the healthy 
aging  process13–15. Traditionally, these markers are examined invasively in animal studies. However, in recent 
years, non-invasive neuroimaging techniques have been developed to assess inflammation- and iron-related 
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tissue microstructure in-vivo in humans. Therefore, the investigation of proinflammatory mediators and iron 
accumulation is in the focus of current research to counteract age-related decline.

Even though the hypothalamus is involved in many functions undergoing change throughout life, its role 
in aging is yet to be well understood. Studies in rodents have demonstrated that the lifespan could be increased 
or decreased by manipulation of an inflammatory immune pathway in the mediobasal hypothalamus, thus 
supporting the role of hypothalamic microinflammation in  age16,17. In humans, to date, knowledge on changes 
of the hypothalamus in age is restricted to ex-vivo investigations. Here, it was shown that nuclei of the hypo-
thalamus are differentially affected, some showing decreases in cell count with age, whereas others maintain 
their structure throughout the lifespan, or even become increasingly active in older  age18. However, age-related 
iron accumulation or inflammation of individual hypothalamic regions remains to be investigated. To elucidate 
neural correlates of metabolic disorders and stress, the paraventricular nucleus (PVN) is of particular interest, 
since it plays a central role in many homeostatic  regulations6. In aging, microstructural changes throughout the 
brain have often been observed to follow an inverted u-shaped distribution, showing peak microstructure in 
early adulthood, followed by a decline starting at about 35–40  years19,20, but evidence on the development of the 
hypothalamus with age is lacking.

In the past years, magnetic resonance imaging (MRI) has emerged as the state-of-the-art method for non-
invasive analysis of the human hypothalamus in vivo, and modern MRI techniques have enabled the quantifica-
tion of tissue properties to assess its microstructure. These include microstructural parameters derived from 
quantitative MRI (qMRI), such as the multi-compartment model neurite orientation dispersion and density 
imaging (NODDI) derived from diffusion imaging, and multiparameter mapping (MPM), providing for example 
measures of neurite density, dendritic dispersion, free water content (NODDI), and iron content (MPM). While 
such approaches have been successfully used to detect microstructural alterations related to aging across different 
regions of the brain, microstructural imaging of the hypothalamus is challenging. First, the hypothalamic region 
is heterogenous, containing crossing white matter tracts (WM) and cerebrospinal fluid (CSF) from the third 
ventricle, which presents a confounding influence that needs to be  considered21. Second, the approximately 15 
hypothalamic nuclei are involved in different metabolic, affective, and cognitive functions, encouraging a divi-
sion into anatomically and functionally reasonable components, to help understand differential effects of aging 
on microstructure of hypothalamic subunits. This notion is supported by previous work in our group, where we 
demonstrated that of four different subunits, only in the anterior–superior subunit, hypothalamic mean diffu-
sivity (MD), an unspecific marker of tissue microstructure, was significantly related to obesity, operationalized 
by the body-mass index (BMI).

Owing to the complex, heterogenous structure of the hypothalamus, the first goal of this study is to ana-
tomically characterize the individual hypothalamic subregions in a healthy middle-aged to elderly sample 
(35–65 years) to assess subregion-specific hypothalamic microstructure in detail and in relation to age. We 
quantify microstructure using MPM and NODDI to explore the influence of age on markers of iron and water 
content, neurite density, and dendritic dispersion.

Secondly, we aim to build upon our previous research linking BMI to anterior–superior hypothalamic MD 
in a sample of young healthy adults, hinting towards obesity-related inflammation. The anterior–superior hypo-
thalamus is a critical region for body homeostasis and HPA axis regulation. It is comprised of the preoptic nucleus 
and PVN, which is responsible for autonomic control, including the stress response through regulation of the 
HPA axis. In the PVN, corticotropin-releasing hormone is released in response to stress, which controls corti-
sol secretion, the main stress hormone. Through inhibitory feedback mechanisms involving the hippocampus, 
amygdala, and prefrontal cortex, cortisol production is then downregulated to achieve homeostasis. It is proposed 
that chronic stress and obesity are associated with a desensitized HPA axis, which is reflected by faulty inhibi-
tory feedback, atrophy and loss of glucocorticoid receptors in the above-mentioned brain  regions22,23. Hence, we 
hypothesize that HPA axis dysfunction would affect anterior–superior hypothalamic microstructure by facilita-
tion of inflammation (i.e., increased free water fraction (FWF) measured with NODDI) and iron accumulation 
(i.e., the effective transverse relaxation rate (R2*) measured with MPM) with age. Thus, we investigate HPA axis 
dysfunction (i.e., obesity and long-term stress) as a potential driving factor for inflammatory processes and iron 
accumulation in the anterior–superior hypothalamus during middle adulthood. Here, we assume that older 
subjects are more vulnerable to microstructural alterations as a result of HPA axis dysfunction as compared 
to younger individuals. Overall, the results of this study can help to uncover the role of detailed hypothalamic 
microstructure and its related functions with age.

Results
Table 1 depicts a summary of the participant characteristics. Measures of interest include age, sex, waist circum-
ference, and cortisol. The remaining parameters are displayed for descriptive purposes only.

Hypothalamic subunit changes with age. In a first step, we investigated whether age or sex impact 
on neurite density, orientation dispersion, free water fraction, or iron content in each of the four hypothalamic 
subunits, as well as possible age-related differences in subunit-specific microstructure (n = 39). For this purpose, 
four linear mixed effects models were used, predicting microstructure with the variables age, sex, subunit, and 
the age × subunit interaction. To determine whether our predictors significantly improve the models, we com-
puted likelihood ratio tests assessing model significance between the intercept and full models (Table 2).

Afterwards, we tested the full linear mixed effects models to assess differences in microstructure across subu-
nits and how this microstructural composition varies across age, while controlling for the fixed effect of sex and 
the subject-specific random intercept. Results suggest that hypothalamic subunits differ in their microstructural 
composition across all metrics. In addition, we observed an increase of the orientation dispersion index with 
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age in the anterior–superior subunit, whereas microstructure in the other subunits was not significantly associ-
ated with age (Table 3, Fig. 1). Hence, our results suggest that all hypothalamic subunits are distinguishable by 
measures reflecting neurite density, dendritic dispersion, free water content, and iron content. However, only 
dendritic dispersion predominantly in the anterior–superior subunit undergoes age-associated changes.

Influence of long‑term stress on anterior–superior microstructure. In this study, hair cortisol and 
waist circumference were treated as proxies for HPA axis dysfunction, suggesting long-term stress and obesity. 
The microstructural parameters FWF and R2* are related to tissue water and iron content and were used to 

Table 1.  Participant characteristics. Education was measured in years until the highest achieved degree. High 
blood pressure was defined as systolic pressure ≥ 140, and/or diastolic pressure ≥ 90.

Participant characteristics n/Range M ± SD

Age 35–65 50.2 ± 8.4

Sex (Male/Female) 17/22 –

Education (years) 9–19 14.8 ± 3.4

Waist circumference (cm) 74–124 94.9 ± 12.5

BMI (kg/m2) 18.8–40.0 25.0 ± 4.5

Thyroid medication (yes/no) 5/34 –

Blood pressure medication (yes/no) 6/33 –

Systolic blood pressure 90–167 122 ± 17

Diastolic blood pressure 57–99 75 ± 9

High blood pressure (yes/no) 8/31 –

Cortisol (pg/mg; n = 38) 1.4–15.6 5.5 ± 3.2

Table 2.  Likelihood ratio test results comparing the linear mixed effect models comprised of the intercept 
of the fixed and random effects (Intercept), and the full model (Full) testing microstructural differences in 
hypothalamic subunits with age (neurite density index (NDI), orientation dispersion index (ODI), free water 
fraction (FWF), effective transverse relaxation rate (R2*); Akaike information criterion (AIC), Bayesian 
information criterion (BIC)). *** p < .001. Significant values are in [bold].

NDI ODI FWF R2*

Intercept Full Intercept Full Intercept Full Intercept Full

Log likelihood − 219.34 − 179.63 − 220.46 − 189.84 − 220.85 − 122.61 − 211.94 − 194.47

χ2 – 79.416*** – 61.224*** – 196.49*** – 34.95***

AIC 444.68 381.27 446.91 401.69 447.71 267.22 429.88 410.93

BIC 453.83 414.82 456.06 435.23 456.86 300.77 439.03 444.48

Table 3.  Linear mixed effects on hypothalamic microstructure (neurite density index (NDI), orientation 
dispersion index (ODI), free water fraction (FWF), and effective transverse relaxation rate (R2*)) between 
subunits (anterior-inferior (A-Inf), anterior–superior (A-sup), intermediate (Int), posterior (Post)) and across 
age while controlling for sex. *** p < .001, ** p < .01, * p < .05. Significant values are in [bold].

NDI ODI FWF R2*

β (SE) t β (SE) t β (SE) t β (SE) t

Intercept − 0.42 (0.16) − 2.582* − 0.58 (0.17) − 3.464*** 0.84 (0.13) 6.408*** − 0.34 (0.20) − 1.736

Sex (Female) − 0.30 (0.18) − 1.662 − 0.23 (0.18) − 1.326 0.06 (0.15) 0.398 − 0.21 (0.23) − 0.906

Age 0.22 (0.13) 1.681 − 0.31 (0.14) − 2.281* − 0.09 (0.10) − 0.922 0.06 (0.15) 0.366

Subunit (-A-Inf)

A-Sup 0.55 (0.15) 3.561*** 1.01 (0.17) 5.907*** − 1.53 (0.10) − 15.414*** 0.41 (0.16) 2.498*

Int 0.33 (0.15) 2.142* 1.33 (0.17) 7.805*** − 1.79 (0.10) − 18.037*** 0.51 (0.16) 3.154**

Post 1.47 (0.15) 9.520*** 0.50 (0.17) 2.947** − 0.20 (0.10) − 1.989 * 0.92 (0.16) 5.647***

Age × Subunit (-A-Inf)

Age: A-Sup − 0.16 (0.16) − 1.016 0.41 (0.17) 2.404* 0.13 (0.10) 1.272 − 0.29 (0.16) − 1.761

Age: Int − 0.13 (0.16) − 0.827 0.16 (0.17) 0.916 0.10 (0.10) 1.036 − 0.28 (0.16) − 1.730

Age: Post − 0.04 (0.16) − 0.259 0.26 (0.17) 1.498 0.08 (0.10) 0.753 0.04 (0.16) 0.249



4

Vol:.(1234567890)

Scientific Reports |         (2023) 13:6866  | https://doi.org/10.1038/s41598-023-33922-5

www.nature.com/scientificreports/

depict probable microstructural alterations associated with this HPA axis dysfunction. Given the role of the 
anterior–superior subunit in maintaining HPA axis regulation, we investigated whether FWF and R2* in this 
subunit are related to waist circumference, hair cortisol, and age. To that aim, two robust linear regression mod-
els were tested (n = 38).

For FWF, we found a significant effect of waist circumference, suggesting increased water content associated 
with higher waist circumference. In addition, we observed a significant interaction of age × cortisol, suggest-
ing that individuals with higher long-term cortisol showed increased free water content in age, as opposed to 
individuals with low cortisol markers  (R2 = 0.361, adj.  R2 = 0.261, χ2(5) = 17.809, p = 0.003). For R2*, a significant 
effect of waist circumference was observed with lower iron concentrations related to higher waist circumference, 
but no effect of age, cortisol, or their interaction  (R2 = 0.268, adj.  R2 = 0.153, χ2(5) = 13.89, p = 0.016).

Hence these results suggest that waist circumference is associated both with increased free water content 
and decreased iron content (Fig. 2), but that only free water content was influenced by an age-dependent effect 

Figure 1.  Hypothalamic microstructure across subunits in association with age investigated with linear mixed 
effects models. Error bars depict the 95% confidence interval.

Figure 2.  Scatterplots showing the associations between waist circumference and anterior–superior 
hypothalamic free water fraction (left), and effective transverse relaxation rate, indexing iron content (right).
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of long-term cortisol (Table 4). Here, participants with a higher age- and sex-specific cortisol percentile (≥ 50, 
n = 16) showed an increase in anterior–superior free water content, as compared to participants with lower age- 
and sex-specific cortisol percentile (< 50, n = 22), indicating a stronger influence of long-term stress in older as 
compared to younger subjects (Fig. 3). The interaction of waist circumference × cortisol was not significant in 
both models, suggesting no moderating effect.

Discussion
This study aimed to investigate effects of age and long-term stress on detailed subunit-specific hypothalamic 
microstructure in vivo in middle-aged to elderly individuals. To quantify microstructure, NODDI and MPM 
were employed to obtain estimates of neurite density, dendritic complexity, free water, and iron content.

We found that microstructural composition differed across hypothalamic subunits. For example, we observed 
that the orientation dispersion index (ODI), a measure of dendritic branching, is highest in the intermediate 
subunit and lowest in the anterior-inferior subunit. This is in accordance with previous research, as large parts of 
the anterior-inferior area are known to project to the pituitary, whereas the connections of the lateral (i.e., inter-
mediate) region are more strongly  dispersed24. These results suggest that hypothalamic parcellation is beneficial 
for precise quantitative assessment of hypothalamic microstructure. In addition, it encourages the investigation of 

Table 4.  Results of two robust multiple linear regression analyses predicting free water fraction (top) and 
effective transverse relaxation rate (iron content, bottom) in the anterior–superior hypothalamus. Significant 
values are in [bold].

Predictor Standardized β Standard error t-value p value

Free water fraction

 Intercept − .071 .147 − 0.482 .633

 Age .190 .152 1.252 .220

 Cortisol (log trans.) .051 .205 0.250 .804

 Waist circumference .319 .129 2.477 .019

 Age × Cortisol − .420 .166 − 2.534 .016

 Waist circumference × Cortisol .133 .145 0.911 .369

Effective transverse relaxation rate

 Intercept .016 .135 0.116 .909

 Age − .118 .182 − 0.647 .522

 Cortisol (log trans.) − .143 .392 − 0.366 .717

 Waist circumference − .409 .132 − 3.090 .004

 Age × Cortisol − .070 .409 − 0.172 .864

 Waist circumference × Cortisol .018 .091 0.195 .847

Figure 3.  Scatterplot showing the association between anterior–superior hypothalamic free water fraction, age, 
and long-term cortisol. To display the interaction effect between age and cortisol, we divided the participants 
into two groups based on their age- and sex-dependent cortisol percentile (< 50 and ≥ 50 percentile).
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microstructural differences in health and disease to identify possible MRI-based biomarkers. However, we found 
mostly stable microstructural properties from the fourth up to the seventh decade of life. Only the orientation 
dispersion index in the anterior–superior subunit was positively associated with age, possibly reflecting more 
inefficient dendritic connections and processing in this area with increasing age. This finding emphasizes the 
relevance of the anterior–superior hypothalamus in age-related decline. However, surprisingly, other subunits 
and microstructural metrics showed no significant associations with age.

One possible explanation for this finding is that brain regions that are developed early in life, such as the hypo-
thalamus, are more resilient towards age-related decline than brain regions with high rates of neural plasticity 
throughout  adulthood25. Additionally, even though we applied a rigorous procedure correcting for partial volume 
contaminations from confounding WM and CSF, we observed hypothalamic microstructure to be highly vari-
able. Hence, slow deterioration in age is likely to be overlooked in our sample, especially since our small sample 
size does not allow us to reliably identify small effects. Future studies are needed to examine this in more detail.

Next, we investigated whether HPA axis functioning drives the observed variability in hypothalamic micro-
structure, and whether this influence is dependent on age. Here, we hypothesized that older individuals would 
be less able to cope with detrimental influences of persistent stress on the immune system and therefore show 
stronger decline in microstructure, which would translate into inflammation and iron  accumulation26. We opera-
tionalized persistent stress by hair cortisol concentrations, a reliable and sensitive method to assess HPA axis 
 dysfunction27, and complemented our analyses by obesity (i.e., waist circumference). As the anterior–superior 
subunit of the hypothalamus has a pivotal role in HPA axis regulation, and since we previously found that obesity 
(i.e., BMI) was only related to mean diffusivity in this subunit in a large  sample28, we restricted our analysis to 
this region.

Our results provide first evidence that participants with higher long-term stress display increased free water 
in the anterior–superior hypothalamus, potentially indicative of  inflammation29–31, and that this increase is 
dependent on age. Here, older, stressed participants had higher free water fraction as compared to non-stressed 
participants of similar age. In addition, we were able to strengthen previous  findings28 by showing an increase 
in water content in individuals with higher waist circumference, indexing obesity. Both results suggest that 
hypothalamic deterioration could be a result of age-related vulnerability and HPA axis dysfunction.

In contrast, we found no effect of persistent stress on anterior–superior iron content, but surprisingly, we 
observed waist circumference to be negatively associated with iron levels. Both iron accumulation and iron defi-
ciency are known to have adverse effects on the brain. As previous research has pointed out, iron exchange out 
of the brain is slow. It is therefore unlikely that lower hypothalamic iron levels are explainable by adult dietary 
 habits32. Nevertheless, events in early life, such as infant nutritional deficiency could result in long-term brain 
iron deficiency, leading to dysfunction of mitochondria, that in turn promote oxidative stress and  inflammation33. 
However, this could not be examined here. Finally, no interaction effects were observed between cortisol levels 
and waist circumference related to iron or free water content. This suggests that in our sample, the effect of waist 
circumference on microstructure is not moderated by cortisol levels, or vice versa. Taken together, our results 
point towards an important role of HPA axis function on hypothalamic microstructure.

In the past, greater amount of free water has been attributed to tissue damage and edema, possibly reflecting 
 microinflammation34,35. However, other underlying processes, such as cell death or demyelination in the absence 
of inflammation could lead to the same observed changes. The observed increase in overall diffusion (mean 
 diffusivity28), or extracellular content (free water fraction) can therefore not be directly linked to inflammation-
induced tissue degeneration. However, rodent studies have pointed towards the important role of inflammatory 
regulatory pathways in the hypothalamus and their implication for metabolic disorders and  aging8,36,37, thus 
supporting our findings. Nevertheless, future studies with larger samples able to integrate multiple metrics are 
needed to gain a deeper understanding of in-vivo hypothalamic microstructure in age and associated disorders. 
The associations between HPA axis regulation, obesity, stress, and aging are highly complex, and our study might 
be underpowered to detect relevant associations. Thus, our results need to be interpreted with caution and future 
research is needed encompassing more, relevant features related to hypothalamic microstructure.

For example, HPA axis dysfunction is also considered one of the main mechanisms underlying the devel-
opment of mood disorders, including anxiety, major depressive, and bipolar disorder, but so far, research has 
obtained mixed results regarding the influence of hypothalamic structure. For example, one study found larger 
hypothalamic volume in individuals suffering from bipolar and depressive disorder as compared to healthy 
 individuals38. In contrast, another study with a larger sample found no difference between hypothalamic volume 
in patients with major depressive disorder and healthy  controls39. Therefore, in the future, more sensitive meas-
ures including NODDI imaging and MPM in addition to detailed segmentation could help better understanding 
the (micro)structural alterations in these disorders and their association with symptomatology.

Conclusion
To conclude, we observed no general age-related decline in hypothalamic microstructure. Instead, we found an 
age-associated increase in dendritic arborization focused on the anterior–superior subunit. Here, microstructural 
properties were also related to obesity and long-term stress as markers for HPA axis dysfunction, and the effect 
of long-term stress was dependent on the age of the participants. Therefore, we argue that instead of a universal 
age-related decline, risk factors such as long-term stress can trigger adverse effects on anterior–superior hypo-
thalamic microstructure in age possibly due to altered coping or compensatory mechanisms on a cellular level.
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Methods
Participants. N = 40 healthy adult participants (n = 18 male, n = 22 female) aged between 35 and 65 took 
part in the current study. All participants were native German speakers recruited through local announcements 
between April and December 2021. The final sample size was affected by restrictions in data acquisition related 
to the COVID-19 pandemic but is comparable to sample sizes of previous research on brain microstructure in 
stress and  aging40–43. Prior to participation, all subjects gave written informed consent to undergo the research 
assessment, and ethical approval of the study was granted by the University of Oldenburg ethics committee (Drs.
EK/2020/062-01). Data acquisition was in accordance with the declaration of  Helsinki45.

Exclusion criteria included diabetes type I or II, a history of or current neurological or psychiatric disease, 
current training for aerobic sports competitions such as  marathons46, steroid medication during the last three 
months, and alcohol or substance abuse.

Two participants displayed considerably higher hair cortisol levels than average (> 3 SD from the mean) and 
were hence contacted again. One retrospectively reported drug abuse during the time of study. Therefore, this 
dataset was excluded for all analyses. The other participant reported no drug abuse, medication, or psychologi-
cal problems that could have influenced the results. Therefore, the subject was excluded for cortisol analyses 
only. The final sample size was n = 38 for analyses involving hair cortisol, and n = 39 for the remaining analyses.

Data acquisition. MRI. All participants underwent scanning on a Siemens 3 T Prisma scanner with a 
64-channel head-neck coil for signal reception and a body coil for transmission. Total scanning time was approx-
imately 60 min with eyes closed. T1-weighted images were obtained using a magnetization-prepared gradient-
echo sequence (MP-RAGE). Based on the scanning protocols of Callaghan et al.47 and Tabelow et al.48, multi-
echo 3D FLASH (fast low-angle shot) sequences were used to acquire qMRI (T1w, PDw, MTw). In addition, a 
spin-echo/stimulated echo imaging (SE/STE) sequence based on a SIEMENS product sequence was obtained, 
and two sensitivity maps from the head and body coil were acquired prior to each T1w, PDw, and MTw meas-
urements. Diffusion data was acquired with the Center for Magnetic Resonance Research (CMRR), University 
of Minnesota, multiband diffusion  sequence49–51. A three-shell diffusion scheme sampled on a whole sphere was 
employed with interleaved b = 300, 700, and 2000s/mm2 and 104 diffusion directions in total (8 for b = 300, 32 
for b = 700, 64 for b = 2000). In addition, 13 b = 0 images were obtained interspersed throughout the sequence. 
Partial Fourier reconstruction was 6/8. Diffusion gradient duration and time were δ = 11.95 ms, and Δ = 38 ms, 
respectively. This data was acquired twice, directly after another, without slice gap. The multi-band factor was 3. 
All data was acquired from anterior to posterior phase-encoding (PE) direction, except for the single b0 image, 
which was acquired in posterior to anterior PE direction. A detailed report of imaging parameters is depicted 
in Table 5.

Physiological measures. Long-term cortisol derived from hair samples is a biomarker of HPA axis function and 
has been previously associated with lower reactivity to acute  stress52 and higher ratings of chronic  stress53. To 
obtain an estimate of cortisol secretion (pg/mg), the 3 cm hair segment closest to the scalp was analyzed, repre-
senting hair growth from the past three months (one month corresponding to approximately 1 cm hair growth). 
An at least 3 mm thick strand of hair was taken from as close to the scalp as possible, fixated with a string, and 
wrapped in aluminum foil. The samples were sent to the Department of Psychology laboratory of TU Dresden, 
Germany for analysis with liquid chromatography coupled with tandem mass spectrometry (LC–MS/MS)54. 
Prior to statistical analysis, hair cortisol levels were log transformed in accordance with previous  research55,56.

We used waist circumference as additional proxy for HPA axis dysfunction, assessed with a tape measure on 
unclothed skin (cm). Compared with the BMI, waist circumference showed more consistent associations with 
serum inflammation markers in the  literature57,58. Hence, even though both measures were acquired, only waist 
circumference was entered into the statistical analyses, given the high correlation of both measures (r = 0.820, 
p < 0.001).

Blood pressure was measured on a blood pressure monitor (SANITAS SBM 07) applied to the left, unclothed 
wrist for fast blood pressure monitoring (beats per minute (bpm)).

Table 5.  Magnetic Resonance Imaging sequence parameters in the order of acquisition. SE/STE spin-echo/
stimulated echo imaging, T1w T1-weighted, PDw proton density-weighted, MTw magnetization transfer-
weighted, MP-RAGE magnetization-prepared gradient-echo.

Sequence Flip angle FOV (mm) Echo times (ms) TR (ms) No. slices Voxel size (mm)

SE/STE [90, 120, 60, 135, 45] 256 × 256 [14] 2000 18 4.0 × 4.0 × 5.0

T1w 21 256 × 256 [2.57, 5.82, 9.82, 13.9, 17.94, 21.98] 26 279 0.8 × 0.8 × 0.8

PDw 4 256 × 256 [2.57, 5.82, 9.82, 13.9, 17.94, 21.98] 26 279 0.8 × 0.8 × 0.8

MTw 6 256 × 256 [2.57, 5.82, 9.82, 13.9, 17.94, 21.98] 44 279 0.8 × 0.8 × 0.8

Sensitivity Head 6 256 × 256 1.99 4.1 44 4.0 × 4.0 × 5.0

Sensitivity Body 6 256 × 256 1.99 4.1 44 4.0 × 4.0 × 5.0

MP-RAGE 9 240 × 240 2.07 2000 224 0.75 × 0.75 × 0.75

b0 – 192 × 192 79 3427 75 1.5 × 1.5 × 1.5

Diffusion – 192 × 192 79 3427 75 1.5 × 1.5 × 1.5
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MRI analysis. Diffusion MRI. Measures of neurite density, dendritic complexity, and free water content 
were derived from diffusion data. First, the raw data was denoised with MRTrix 3.0 dwidenoise, which has been 
shown to improve the quality of the diffusion  data59,60. Since we observed no Gibbs ringing artifacts in the hypo-
thalamic area, Gibbs ringing correction was not employed to not induce possible smoothing effects in the small 
region of interest. Diffusion data of the two runs was concatenated and corrected for susceptibility distortions 
with topup and eddy in the FMRIB Software Library (FSL) v. 6.0.4. For topup estimation, the raw data (before 
denoising) was used. Prior to eddy correction, the data was skull stripped using the FSL brain extraction tool. 
Using all shells, a NODDI model was fit using the NODDI toolbox running on Matlab  2020b61. NODDI provides 
measures of neurite density (NDI), dendritic complexity (ODI), and free water content (FWF).

Multiparameter maps. Iron content was derived from the multi-echo 3D FLASH sequences and MPMs were 
processed using the hMRI toolbox based on SPM12, running on Matlab 2020b. First, images for MPM calcula-
tion were reoriented to AC-PC orientation in midsagittal plane (Autoreorient). Afterwards, complete MPMs 
were calculated as part of the default hMRI pipeline (createhMRI), including magnetization transfer saturation 
(MT sat.), longitudinal relaxation rate (R1), proton density (PD), and R2*. To correct for radiofrequency sen-
sitivity bias, head and body sensitivity maps were used individually for each contrast. Transmit field correction 
was performed based on the SE/STE sequence. For statistical analyses, we focus on R2* as a marker for iron 
content. The remaining MPMs did not enter into statistical analyses.

Segmentation. To obtain hypothalamic subunits, the MP-RAGE image was segmented into GM, WM, and CSF 
with SPM12 according to the ICBM152 2009b reference atlas. Subunits for the anterior–superior, anterior-infe-
rior, intermediate (lateral), and posterior hypothalamus were obtained from the probabilistic atlas by Spindler, 
Özyurt and  Thiel28 with a threshold of 20 to ensure reliable but complete representations of the hypothalamus. 
Afterwards, the subunits were automatically corrected for WM and CSF confounds that cannot be accounted 
for using the probabilistic atlas. CSF correction was applied on a voxel level with a threshold of CSF > 10% using 
the CSF tissue probability map. Confounding white matter from the optic tract, fornix, and mammillothalamic 
tract was automatically excluded using a previously published data-driven spectral clustering approach based 
on MT sat., R1, and R2* (k = 5, Spindler and  Thiel21). Voxels identified as white matter were then excluded from 
the subunits. The final masks were visually inspected. In n = 4 cases with very small hypothalamus masks, white 
matter extraction resulted in voxels containing the mammillary bodies to be misclassified as white matter, which 
were manually corrected.

Registration. The inverse deformations created in the segmentation were used to register the hypothalamic 
subunits to native space with nearest neighbor interpolation. In addition, NODDI parameter maps (NDI, 
ODI, FWF) were linearly registered and resliced to the MPMs with  4th degree b-spline interpolation. For each 
hypothalamic subunit, mean R2*, NDI, ODI, and FWF were finally calculated, where NDI and ODI were com-
puted using tissue-weighted means to further control partial volume contaminations from averaging within the 
 masks62 (Fig. 4).

Statistical analyses. All statistical analyses were performed with R v 4.1.1, using primarily the following 
packages: lme4 v.1.1.2963, lmerTest v.3.1.364, and robustbase v.0.95.065.

Hypothalamic subunit changes with age. To identify whether hypothalamic microstructure differs across subu-
nits and to investigate possible differential effects with age, four maximum likelihood linear mixed effects models 
were tested (lme4). Linear mixed effects models allow the inclusion of random effects in the case of non-inde-
pendence. Here, for each of the microstructural measures of interest, NDI, ODI, FWF, and R2*, we analyzed the 
effects of age, subunit (anterior-inferior, anterior–superior, intermediate, posterior), sex (female, male), and the 
age × subunit interaction as fixed effects. The participant intercept (1|subject) was entered as random effect to 
account for baseline differences in microstructure that affect all subunits, thus being (spatially) dependent. All 
metric variables were standardized before fitting the model (M = 0, SD = 1).

To test whether the predictors significantly improved the baseline model, likelihood ratio tests were performed 
between the intercept-only (Eq. 1) and the full model (Eq. 2). Here, β0 equals the intercept, β1-4 represent the 
coefficients for each of the effects, (1|subject) is the subject-specific random intercept, and ε the measurement 
error. The significance threshold of the likelihood ratio test (corrected for the four microstructural parameters) 
was p = 0.05/4 = 0.0125, following Bonferroni correction.

The anterior–superior hypothalamus in long-term stress. To investigate a possible association between anterior–
superior hypothalamic water content, iron accumulation with age and long-term stress, two robust multiple 
linear models were tested with MM-estimator chain (lmrob) and compared against the intercept-only model. 
In small samples, outliers and high leverage points can significantly influence the results. Thus, we decided to 
use robust regression models instead of conventional multiple linear regression. Here, anterior–superior FWF 

(1)Microstructure = β0 +
(

1|subject
)

+ ε

(2)
Microstructure = β0 + β1(Sex)+ β2

(

Age
)

+ β3(Subunit)

+β4
(

Age × Subunit
)

+ (1|subject)+ ε
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and R2* were treated as dependent variables, which were predicted by age, waist circumference, hair cortisol 
level (log transform), and the interactions age × cortisol level and waist circumference × cortisol level (Eq. 3). 
All variables were standardized (M = 0, SD = 1). For interpretation of possible interactions, the participants were 
later divided into a low- and high-cortisol group (< 50 and ≥ 50 percentile, respectively), based on sex- and age-
specific norm values obtained through personal communication with C.  Kirschbaum66.

Data availability
The datasets generated during and/or analysed during the current study are available from the corresponding 
author on reasonable request.

Received: 2 November 2022; Accepted: 20 April 2023

References
 1. Boss, G. R. & Seegmiller, J. E. Age-related physiological changes and their clinical significance. West J. Med. 135, 434 (1981).
 2. van den Beld, A. W. et al. The physiology of endocrine systems with ageing. Lancet Diabetes Endocrinol. 6, 647–658. https:// doi. 

org/ 10. 1016/ S2213- 8587(18) 30026-3 (2018).
 3. Chen, T. T., Maevsky, E. I. & Uchitel, M. L. Maintenance of homeostasis in the aging hypothalamus: the central and peripheral 

roles of succinate. Front. Endocrinol. 6, 1–11. https:// doi. org/ 10. 3389/ fendo. 2015. 00007 (2015).
 4. Saper, C. B. & Lowell, B. B. The hypothalamus. Curr. Biol. 24, R1111–R1116. https:// doi. org/ 10. 1016/j. cub. 2014. 10. 023 (2014).
 5. Carmo-Silva, S. & Cavadas, C. Hypothalamic dysfunction in obesity and metabolic disorders. Adv. Neurobiol. 19, 73–116. https:// 

doi. org/ 10. 1007/ 978-3- 319- 63260-5_4 (2017).
 6. Herman, J. P., Flak, J. & Jankord, R. Chronic stress plasticity in the hypothalamic paraventricular nucleus. Prog. Brain Res. 170, 

353–364. https:// doi. org/ 10. 1016/ S0079- 6123(08) 00429-9 (2008).
 7. Fonken, L. K., Frank, M. G., Gaudet, A. D. & Maier, S. F. Stress and aging act through common mechanisms to elicit neuroinflam-

matory priming. Brain Behav. Immun. 73, 133–148. https:// doi. org/ 10. 1016/j. bbi. 2018. 07. 012 (2018).
 8. Cai, D. & Khor, S. “Hypothalamic Microinflammation” paradigm in aging and metabolic diseases. Cell Metab. 30, 19–35. https:// 

doi. org/ 10. 1016/j. cmet. 2019. 05. 021 (2019).
 9. Li, J., Tang, Y. & Cai, D. IKKβ/NF-κB disrupts adult hypothalamic neural stem cells to mediate neurodegenerative mechanism of 

dietary obesity and pre-diabetes. Nat. Cell Biol. 14, 999–1012. https:// doi. org/ 10. 1038/ ncb25 62 (2012).
 10. Marschallinger, J. et al. Lipid-droplet-accumulating microglia represent a dysfunctional and proinflammatory state in the aging 

brain. Nat. Neurosci. 23, 194–208. https:// doi. org/ 10. 1038/ s41593- 019- 0566-1 (2020).

(3)
Microstructure = β0 + β1(Waist)+ β2

(

Age
)

+ β3(Cortisol)

+β4
(

Age × Cortisol
)

+ β5(Waist × Cortisol)+ ε

Figure 4.  Exemplary dataset in native space displaying the four used MRI parameters in coronal view (FWF: 
free water fraction, ODI: orientation dispersion index corrected for FWF, NDI: neurite density index corrected 
for FWF, R2*: effective transverse relaxation rate), as well as the ODI image zoomed in on the hypothalamus 
area and overlaid with the hypothalamus masks after correction for confounding white matter (beige: superior, 
blue: intermediate, brown: posterior subunits). The inferior subunit is not visible on this slice.

https://doi.org/10.1016/S2213-8587(18)30026-3
https://doi.org/10.1016/S2213-8587(18)30026-3
https://doi.org/10.3389/fendo.2015.00007
https://doi.org/10.1016/j.cub.2014.10.023
https://doi.org/10.1007/978-3-319-63260-5_4
https://doi.org/10.1007/978-3-319-63260-5_4
https://doi.org/10.1016/S0079-6123(08)00429-9
https://doi.org/10.1016/j.bbi.2018.07.012
https://doi.org/10.1016/j.cmet.2019.05.021
https://doi.org/10.1016/j.cmet.2019.05.021
https://doi.org/10.1038/ncb2562
https://doi.org/10.1038/s41593-019-0566-1


10

Vol:.(1234567890)

Scientific Reports |         (2023) 13:6866  | https://doi.org/10.1038/s41598-023-33922-5

www.nature.com/scientificreports/

 11. Tang, Y., Purkayastha, S. & Cai, D. Hypothalamic microinflammation: A common basis of metabolic syndrome and aging. Trends 
Neurosci. 38, 36–44. https:// doi. org/ 10. 1016/j. tins. 2014. 10. 002 (2015).

 12. Fernández-Real, J. M. & Manco, M. Effects of iron overload on chronic metabolic diseases. Lancet Diabetes Endocrinol. 2, 513–526. 
https:// doi. org/ 10. 1016/ S2213- 8587(13) 70174-8 (2014).

 13. Acosta-Cabronero, J. et al. In vivo MRI mapping of brain iron deposition across the adult lifespan. J. Neurosci. 36, 364–374. https:// 
doi. org/ 10. 1523/ JNEUR OSCI. 1907- 15. 2016 (2016).

 14. Ayton, S. et al. Brain iron is associated with accelerated cognitive decline in people with Alzheimer pathology. Mol. Psychiatry 25, 
2932–2941. https:// doi. org/ 10. 1038/ s41380- 019- 0375-7 (2020).

 15. Daugherty, A. & Raz, N. Age-related differences in iron content of subcortical nuclei observed in vivo: A meta-analysis. Neuroimage 
70, 113–121. https:// doi. org/ 10. 1016/j. neuro image. 2012. 12. 040 (2013).

 16. Mendelsohn, A. R. & Larrick, J. W. Inflammation, stem cells, and the aging hypothalamus. Rejuvenation Res. 20, 346–349. https:// 
doi. org/ 10. 1089/ rej. 2017. 2002 (2017).

 17. Zhang, G. et al. Hypothalamic programming of systemic ageing involving IKK-β, NF-κB and GnRH. Nature 497, 211–216. https:// 
doi. org/ 10. 1038/ natur e12143 (2013).

 18. Cai, Z.-J. The peripheral hypotheses of hypothalamic aging. Open Access Libr. J. 5, 1–15. https:// doi. org/ 10. 4236/ oalib. 11044 45 
(2018).

 19. Solar, K. G., Treit, S. & Beaulieu, C. High resolution diffusion tensor imaging of the hippocampus across the healthy lifespan. 
Hippocampus 31, 1271–1284. https:// doi. org/ 10. 1002/ hipo. 23388 (2021).

 20. Nazeri, A. et al. Functional consequences of neurite orientation dispersion and density in humans across the adult lifespan. J. 
Neurosci. 35, 1753–1762. https:// doi. org/ 10. 1523/ JNEUR OSCI. 3979- 14. 2015 (2015).

 21. Spindler, M. & Thiel, C. M. Quantitative magnetic resonance imaging for segmentation and white matter extraction of the hypo-
thalamus. J. Neurosci. Res. 100, 564–577. https:// doi. org/ 10. 1002/ jnr. 24988 (2022).

 22. Gust, D. A. et al. Activity of the hypothalamic-pituitary-adrenal axis is altered by aging and exposure to social stress in female 
rhesus monkeys. J. Clin. Endocrinol. Metab. 85, 2556–2563. https:// doi. org/ 10. 1210/ jcem. 85.7. 6696 (2000).

 23. Thayer, J. F., Mather, M. & Koenig, J. Stress and aging: A neurovisceral integration perspective. Psychophysiology 58, e13804. https:// 
doi. org/ 10. 1111/ psyp. 13804 (2021).

 24. Hahn, J. D. & Swanson, L. W. Connections of the lateral hypothalamic area juxtadorsomedial region in the male rat. J. Comp. 
Neurol. 520, 1831–1890. https:// doi. org/ 10. 1002/ cne. 23064 (2012).

 25. Fjell, A. M. et al. What is normal in normal aging? Effects of aging, amyloid and Alzheimer’s disease on the cerebral cortex and 
the hippocampus. Prog. Neurobiol. 117, 20–40. https:// doi. org/ 10. 1016/j. pneur obio. 2014. 02. 004 (2014).

 26. Yegorov, Y. E. et al. The link between chronic stress and accelerated aging. Biomedicines 8, 198. https:// doi. org/ 10. 3390/ biome dicin 
es807 0198 (2020).

 27. Stalder, T. & Kirschbaum, C. Analysis of cortisol in hair–state of the art and future directions. Brain Behav. Immun. 26, 1019–1029. 
https:// doi. org/ 10. 1016/j. bbi. 2012. 02. 002 (2012).

 28. Spindler, M., Özyurt, J. & Thiel, C. M. Automated diffusion-based parcellation of the hypothalamus reveals subunit-specific 
associations with obesity. Sci. Rep. 10, 22238. https:// doi. org/ 10. 1038/ s41598- 020- 79289-9 (2020).

 29. Oestreich, L. K. L. & O’Sullivan, M. J. Transdiagnostic in vivo magnetic resonance imaging markers of neuroinflammation. Biol. 
Psychiatry Cogn. Neurosci. Neuroimaging 7, 638–658. https:// doi. org/ 10. 1016/j. bpsc. 2022. 01. 003 (2022).

 30. Parbo, P. et al. Low plasma neurofilament light levels associated with raised cortical microglial activation suggest inflammation 
acts to protect prodromal Alzheimer’s disease. Alzheimers Res. Ther. 12, 3. https:// doi. org/ 10. 1186/ s13195- 019- 0574-0 (2020).

 31. Uddin, M. N. et al. A longitudinal analysis of brain extracellular free water in HIV infected individuals. Sci. Rep. 11, 8273. https:// 
doi. org/ 10. 1038/ s41598- 021- 87801-y (2021).

 32. Youdim, M. B., Ben-Shachar, D. & Yehuda, S. Putative biological mechanisms of the effect of iron deficiency on brain biochemistry 
and behavior. Am. J. Clin. Nutr. 50, 607–617. https:// doi. org/ 10. 1093/ ajcn/ 50.3. 607 (1989).

 33. Hare, D., Ayton, S., Bush, A. & Lei, P. A delicate balance: Iron metabolism and diseases of the brain. Front. Aging Neurosci. 5, 1–19. 
https:// doi. org/ 10. 3389/ fnagi. 2013. 00034 (2013).

 34. Dumont, M. et al. Free water in white matter differentiates MCI and AD from control subjects. Front. Aging Neurosci. 11, 1–9. 
https:// doi. org/ 10. 3389/ fnagi. 2019. 00270 (2019).

 35. Pasternak, O. et al. The extent of diffusion MRI markers of neuroinflammation and white matter deterioration in chronic schizo-
phrenia. Schizophr. Res. 161, 113–118. https:// doi. org/ 10. 1016/j. schres. 2014. 07. 031 (2015).

 36. Folick, A., Cheang, R. T., Valdearcos, M. & Koliwad, S. K. Metabolic factors in the regulation of hypothalamic innate immune 
responses in obesity. Exp. Mol. Med. 54, 393–402. https:// doi. org/ 10. 1038/ s12276- 021- 00666-z (2022).

 37. Thaler, J. P. et al. Obesity is associated with hypothalamic injury in rodents and humans. J. Clin. Invest. 122, 153–162. https:// doi. 
org/ 10. 1172/ JCI59 660 (2012).

 38. Schindler, S. et al. Hypothalamus enlargement in mood disorders. Acta Psychiatr. Scand. 139, 56–67. https:// doi. org/ 10. 1111/ acps. 
12958 (2019).

 39. Suh, J. S. et al. Hypothalamus volume and DNA methylation of stress axis genes in major depressive disorder: A CAN-BIND study 
report. Psychoneuroendocrinology 132, 105348. https:// doi. org/ 10. 1016/j. psyne uen. 2021. 105348 (2021).

 40. Wolf, D. et al. Differential associations of age with volume and microstructure of hippocampal subfields in healthy older adults. 
Hum. Brain Mapp. 36, 3819–3831. https:// doi. org/ 10. 1002/ hbm. 22880 (2015).

 41. Sheikh, H. I. et al. Links between white matter microstructure and cortisol reactivity to stress in early childhood: Evidence for 
moderation by parenting. NeuroImage Clin. 6, 77–85. https:// doi. org/ 10. 1016/j. nicl. 2014. 08. 013 (2014).

 42. Madsen, K. S. et al. Hypothalamic–pituitary–adrenal axis tonus is associated with hippocampal microstructural asymmetry. 
Neuroimage 63, 95–103. https:// doi. org/ 10. 1016/j. neuro image. 2012. 06. 071 (2012).

 43. Hayek, D., Thams, F., Flöel, A. & Antonenko, D. Dentate gyrus volume mediates the effect of fornix microstructure on memory 
formation in older adults. Front. Aging Neurosci. 12, 79 (2020).

 44. World Medical Association. World Medical Association declaration of Helsinki: Ethical principles for medical research involving 
human subjects. JAMA 310, 2191–2194. https:// doi. org/ 10. 1001/ jama. 2013. 281053 (2013).

 45. Skoluda, N., Dettenborn, L., Stalder, T. & Kirschbaum, C. Elevated hair cortisol concentrations in endurance athletes. Psychoneu-
roendocrinology 37, 611–617. https:// doi. org/ 10. 1016/j. psyne uen. 2011. 09. 001 (2012).

 46. Callaghan, M. F. et al. Example dataset for the hMRI toolbox. Data Brief 25, 104132. https:// doi. org/ 10. 1016/j. dib. 2019. 104132 
(2019).

 47. Tabelow, K. et al. hMRI–A toolbox for quantitative MRI in neuroscience and clinical research. Neuroimage 194, 191–210. https:// 
doi. org/ 10. 1016/j. neuro image. 2019. 01. 029 (2019).

 48. Feinberg, D. A. et al. Multiplexed echo planar imaging for sub-second whole brain FMRI and fast diffusion imaging. PLoS ONE 
5, e15710. https:// doi. org/ 10. 1371/ journ al. pone. 00157 10 (2010).

 49. Moeller, S. et al. Multiband multislice GE-EPI at 7 tesla, with 16-fold acceleration using partial parallel imaging with application 
to high spatial and temporal whole-brain fMRI. Magn. Reson. Med. 63, 1144–1153. https:// doi. org/ 10. 1002/ mrm. 22361 (2010).

 50. Xu, J. et al. Evaluation of slice accelerations using multiband echo planar imaging at 3T. Neuroimage 83, 991–1001. https:// doi. org/ 
10. 1016/j. neuro image. 2013. 07. 055 (2013).

https://doi.org/10.1016/j.tins.2014.10.002
https://doi.org/10.1016/S2213-8587(13)70174-8
https://doi.org/10.1523/JNEUROSCI.1907-15.2016
https://doi.org/10.1523/JNEUROSCI.1907-15.2016
https://doi.org/10.1038/s41380-019-0375-7
https://doi.org/10.1016/j.neuroimage.2012.12.040
https://doi.org/10.1089/rej.2017.2002
https://doi.org/10.1089/rej.2017.2002
https://doi.org/10.1038/nature12143
https://doi.org/10.1038/nature12143
https://doi.org/10.4236/oalib.1104445
https://doi.org/10.1002/hipo.23388
https://doi.org/10.1523/JNEUROSCI.3979-14.2015
https://doi.org/10.1002/jnr.24988
https://doi.org/10.1210/jcem.85.7.6696
https://doi.org/10.1111/psyp.13804
https://doi.org/10.1111/psyp.13804
https://doi.org/10.1002/cne.23064
https://doi.org/10.1016/j.pneurobio.2014.02.004
https://doi.org/10.3390/biomedicines8070198
https://doi.org/10.3390/biomedicines8070198
https://doi.org/10.1016/j.bbi.2012.02.002
https://doi.org/10.1038/s41598-020-79289-9
https://doi.org/10.1016/j.bpsc.2022.01.003
https://doi.org/10.1186/s13195-019-0574-0
https://doi.org/10.1038/s41598-021-87801-y
https://doi.org/10.1038/s41598-021-87801-y
https://doi.org/10.1093/ajcn/50.3.607
https://doi.org/10.3389/fnagi.2013.00034
https://doi.org/10.3389/fnagi.2019.00270
https://doi.org/10.1016/j.schres.2014.07.031
https://doi.org/10.1038/s12276-021-00666-z
https://doi.org/10.1172/JCI59660
https://doi.org/10.1172/JCI59660
https://doi.org/10.1111/acps.12958
https://doi.org/10.1111/acps.12958
https://doi.org/10.1016/j.psyneuen.2021.105348
https://doi.org/10.1002/hbm.22880
https://doi.org/10.1016/j.nicl.2014.08.013
https://doi.org/10.1016/j.neuroimage.2012.06.071
https://doi.org/10.1001/jama.2013.281053
https://doi.org/10.1016/j.psyneuen.2011.09.001
https://doi.org/10.1016/j.dib.2019.104132
https://doi.org/10.1016/j.neuroimage.2019.01.029
https://doi.org/10.1016/j.neuroimage.2019.01.029
https://doi.org/10.1371/journal.pone.0015710
https://doi.org/10.1002/mrm.22361
https://doi.org/10.1016/j.neuroimage.2013.07.055
https://doi.org/10.1016/j.neuroimage.2013.07.055


11

Vol.:(0123456789)

Scientific Reports |         (2023) 13:6866  | https://doi.org/10.1038/s41598-023-33922-5

www.nature.com/scientificreports/

 51. Sandner, M. et al. Investigating individual stress reactivity: High hair cortisol predicts lower acute stress responses. Psychoneu-
roendocrinology 118, 104660. https:// doi. org/ 10. 1016/j. psyne uen. 2020. 104660 (2020).

 52. Russell, E., Koren, G., Rieder, M. & Van Uum, S. Hair cortisol as a biological marker of chronic stress: Current status, future direc-
tions and unanswered questions. Psychoneuroendocrinology 37, 589–601. https:// doi. org/ 10. 1016/j. psyne uen. 2011. 09. 009 (2012).

 53. Gao, W. et al. Quantitative analysis of steroid hormones in human hair using a column-switching LC–APCI–MS/MS assay. J. 
Chromatogr. B 928, 1–8. https:// doi. org/ 10. 1016/j. jchro mb. 2013. 03. 008 (2013).

 54. Lynch, R. et al. Lifetime exposure to violence and other life stressors and hair cortisol concentration in women. Stress 25, 48–56. 
https:// doi. org/ 10. 1080/ 10253 890. 2021. 20112 04 (2022).

 55. Rothe, N. et al. The moderating effect of cortisol and dehydroepiandrosterone on the relation between sleep and depression or 
burnout. Compr. Psychoneuroendocrinology 7, 100051. https:// doi. org/ 10. 1016/j. cpnec. 2021. 100051 (2021).

 56. Rogowski, O. et al. Waist circumference as the predominant contributor to the micro-inflammatory response in the metabolic 
syndrome: A cross sectional study. J. Inflamm. 7, 35. https:// doi. org/ 10. 1186/ 1476- 9255-7- 35 (2010).

 57. Stepanikova, I., Oates, G. R. & Bateman, L. B. Does one size fit all? The role of body mass index and waist circumference in systemic 
inflammation in midlife by race and gender. Ethn. Health 22, 169–183. https:// doi. org/ 10. 1080/ 13557 858. 2016. 12356 81 (2017).

 58. Cordero-Grande, L. et al. Complex diffusion-weighted image estimation via matrix recovery under general noise models. Neuro-
image 200, 391–404. https:// doi. org/ 10. 1016/j. neuro image. 2019. 06. 039 (2019).

 59. Veraart, J. et al. Denoising of diffusion MRI using random matrix theory. Neuroimage 142, 394–406. https:// doi. org/ 10. 1016/j. 
neuro image. 2016. 08. 016 (2016).

 60. Zhang, H., Schneider, T., Wheeler-Kingshott, C. A. & Alexander, D. C. NODDI: Practical in vivo neurite orientation dispersion 
and density imaging of the human brain. Neuroimage 61, 1000–1016. https:// doi. org/ 10. 1016/j. neuro image. 2012. 03. 072 (2012).

 61. Parker, C. S. et al. Not all voxels are created equal: Reducing estimation bias in regional NODDI metrics using tissue-weighted 
means. Neuroimage 245, 118749. https:// doi. org/ 10. 1016/j. neuro image. 2021. 118749 (2021).

 62. Bates, D., Mächler, M., Bolker, B. & Walker, S. Fitting linear mixed-effects models using lme4. J. Stat. Softw. 67, 1–48. https:// doi. 
org/ 10. 18637/ jss. v067. i01 (2015).

 63. Kuznetsova, A., Brockhoff, P. B. & Christensen, R. H. B. lmerTest package: Tests in linear mixed effects models. J. Stat. Softw. 82, 
1–26. https:// doi. org/ 10. 18637/ jss. v082. i13 (2017).

 64. Maechler, M., Rousseeuw, P., Croux, C. et al. Robustbase: Basic robust statistics (2022).
 65. Kirschbaum, C. Steroid-analysis: Normative values (2022).

Acknowledgements
This work was supported by the Neuroimaging Unit of the Carl von Ossietzky Universität Oldenburg funded 
by grants from the German Research Foundation (3T MRI INST 184/152-1 FUGG). The computations were 
performed at the HPC Cluster CARL, located at the University of Oldenburg (Germany) and funded by the DFG 
through its Major Research Instrumentation Programme (INST 184/157-1 FUGG) and the Ministry of Science 
and Culture (MWK) of the Lower Saxony State. The CMRR sequence was kindly provided by the University of 
Minnesota Center for Magnetic Resonance Research. M.P. is supported by the UKRI Future Leaders Fellowship 
MR/T020296/2.

Author contributions
Conceptualization: M.S., C.M.T.; Methodology: M.S., M.P., H.Z.; Formal analysis and investigation: M.S.; Writ-
ing—original draft preparation: M.S.; Writing—review and editing: M.S., M.P., H.Z., C.M.T.; Funding acquisi-
tion: C.M.T.

Funding
Open Access funding enabled and organized by Projekt DEAL.

Competing interests 
The authors declare no competing interests.

Additional information
Correspondence and requests for materials should be addressed to M.S.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

© The Author(s) 2023

https://doi.org/10.1016/j.psyneuen.2020.104660
https://doi.org/10.1016/j.psyneuen.2011.09.009
https://doi.org/10.1016/j.jchromb.2013.03.008
https://doi.org/10.1080/10253890.2021.2011204
https://doi.org/10.1016/j.cpnec.2021.100051
https://doi.org/10.1186/1476-9255-7-35
https://doi.org/10.1080/13557858.2016.1235681
https://doi.org/10.1016/j.neuroimage.2019.06.039
https://doi.org/10.1016/j.neuroimage.2016.08.016
https://doi.org/10.1016/j.neuroimage.2016.08.016
https://doi.org/10.1016/j.neuroimage.2012.03.072
https://doi.org/10.1016/j.neuroimage.2021.118749
https://doi.org/10.18637/jss.v067.i01
https://doi.org/10.18637/jss.v067.i01
https://doi.org/10.18637/jss.v082.i13
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Dysfunction of the hypothalamic-pituitary adrenal axis and its influence on aging: the role of the hypothalamus
	Results
	Hypothalamic subunit changes with age. 
	Influence of long-term stress on anterior–superior microstructure. 

	Discussion
	Conclusion
	Methods
	Participants. 
	Data acquisition. 
	MRI. 
	Physiological measures. 

	MRI analysis. 
	Diffusion MRI. 
	Multiparameter maps. 
	Segmentation. 
	Registration. 

	Statistical analyses. 
	Hypothalamic subunit changes with age. 
	The anterior–superior hypothalamus in long-term stress. 


	References
	Acknowledgements


