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ABSTRACT

Generative artificial intelligence (GenAl) is transforming advertising production and introduc-
ing new forms of disclosure at the point of exposure. Existing research treats disclosure pri-
marily as a cue signaling persuasive intent, yet GenAl disclosures increasingly communicate
how content was produced rather than why it was created. This paper reconceptualizes dis-
closure in Al-mediated advertising by positioning GenAl disclosure as a signal of production
conditions. Integrating signaling theory, source credibility theory, the persuasion knowledge
model, and the heuristic-systematic model, the paper develops a conceptual framework
that differentiates declarative, regulatory, and infrastructural disclosure as distinct rendering
conditions. The framework proposes that GenAl disclosure influences consumer evaluations
through two complementary inferential pathways: perceived source attribution and produc-
tion-based agent knowledge, defined as consumers’ beliefs about how persuasive content
was generated and what those production processes imply for evaluating the persuasion
agent. It further specifies how consumers’ motivation and ability shape the likelihood of
heuristic versus systematic processing. The paper advances advertising theory by explaining
how disclosure operates when its primary referent shifts from persuasive intent to produc-
tion conditions and by providing a framework for understanding why similar disclosure cues
may generate divergent evaluative responses across consumers, contexts, and forms of

GenAl use.

Introduction

Generative artificial intelligence (GenAl) is rapidly
being integrated into advertising production
(Campbell et al. 2022; Hartmann, Exner, and Domdey
2025; Huh, Nelson, and Russell 2023), expanding the
focus of disclosure from communicating persuasive
intent to communicating the conditions under which
advertising content was produced (Wojdynski and
Evans 2016). A now common manifestation of this
shift is the use of labels such as “Al-generated,”
“synthetic content,” or “Al info” attached directly to
content at the point of exposure (see Figure 1 for an
example; Adobe 2025; Meta 2024; YouTube 2024).
Specifically, platform-level implementations make this
explicit by identifying whether content has been gen-
erated or materially altered by GenAl systems, while

provenance standards embed production metadata
within the content itself (Adobe 2025; Coalition for
Content Provenance and Authenticity 2023; YouTube
2024).

Public surrounding Al-generated
campaigns further illustrate major implications of this
shift. In several cases, brands disclosed their use of
generative tools, yet disclosure did not consistently
mitigate skepticism or backlash (BBC. 2026; To et al.
2025). Gucci’s Al-generated promotional imagery
ahead of its 2026 Milan Fashion Week show, for
example, prompted criticism centered not on the
brand’s persuasive intent, but on the production pro-
cess itself, with debate focusing on authenticity, crafts-
manship, heritage, and the role of human creative
labor (Shahidi 2026). Rather than altering perceptions
of why the communication was intended to persuade,

controversies
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Figure 1. Example of GenAl disclosure (source: Meta 2025).

disclosure shifted attention to how the communication
had been produced. This indicates that production
disclosure introduces production conditions as an
additional object of consumer evaluation.

Current  advertising  knowledge does not
adequately address this phenomenon. Disclosure
research has developed around a stable referent: the
commercial relationship, whereby transparency in
advertising has largely been conceptualized as the
visibility of commercial intent (Boerman, Willemsen,
and Van Der Aa 2017; Kim, Barasz, and John 2019;
Wojdynski and Evans 2016). Disclosure mechanisms
such as sponsorship statements, influencer tags, and
“#ad” labels have long been used to make persuasive
relationships explicit and enable audiences to cali-
brate trust (Boerman, Willemsen, and Van Der Aa
2017; Giuffredi-Kahr, Petrova, and Malar 2022).
Within this tradition, disclosure activates persuasion
knowledge by signaling advertiser intent (Friestad
and Wright 1994), while platforms and advertisers
may structure, standardize, and enforce how such
information appears (Kerr et al. 2015).

GenAl disclosure does not fit this referent because
it signals how content was produced rather than why
it was created. Instead of indicating a persuasive rela-
tionship, these cues point to production conditions,
including the configuration of human and machine
inputs (Castelo, Bos, and Lehmann 2019; Longoni,
Bonezzi, and Morewedge 2019; Molina and Sundar
2022). As a result, audiences infer not only who is
attempting to persuade them, but also how the mes-
sage was generated, often under conditions where
source attribution is ambiguous or distributed (Luo

Al info

0 Content in this ad was created

with generative Al
. i

E:I What is generative Al?

et al. 2019; Wang, Lopez, and Okazaki 2025). This
shifts the object of disclosure from persuasive intent
to production conditions, rendering authorship
hybrid, distributing communicative agency across
actors, and making production conditions increasingly
transparent through technological systems (Shi and
Jiang 2026).

Recent empirical evidence reinforces this mismatch.
Disclosure can increase perceived transparency or
honesty while simultaneously reducing authenticity,
creativity, sincerity, or relational warmth (e.g., Baek,
Kim, and Kim 2026; Bruns and Meiflner 2024;
Wortel, Vanwesenbeeck, and Tomas 2024). These
mixed findings suggest that disclosures revealing pro-
duction processes introduce evaluative considerations
that are not fully captured by existing advertising dis-
closure models and point to production conditions as
an additional basis for consumer evaluation.

Against this backdrop, we develop a production-
based account of GenAI disclosure and make four
theoretical contributions. First, we define GenAlI dis-
closure in contemporary advertising, showing that the
referent of disclosure shifts from signaling persuasive
intent to signaling production conditions, extending
prior conceptualizations of disclosure as a mechanism
for making commercial relationships visible
(Boerman, Willemsen, and Van Der Aa 2017; Friestad
and Wright 1994; Wojdynski and Evans 2016).

Second, drawing on signaling theory, source cred-
ibility theory, the persuasion knowledge model
(PKM), and the heuristic-systematic model (HSM),
we develop a framework that conceptualizes disclosure
as production-related information rather than a purely



intent-driven practice. In doing so, we advance pro-
duction-based agent knowledge as an extension of the
agent knowledge component of the PKM, capturing
how beliefs about generativity, human oversight, prov-
enance reliability, and normative appropriateness
shape evaluations of persuasion agents (Castelo, Bos,
and Lehmann 2019; Kirk and Givi 2025; Longoni,
Bonezzi, and Morewedge 2019).

Third, we extend signaling theory by introducing
three disclosure rendering conditions: declarative,
regulatory, and infrastructural, which specify how pro-
duction-related information is rendered and how
communicative agency is distributed across advertising
ecosystems (Giuffredi-Kahr, Petrova, and Malar 2022;
Spence 1973). In particular, infrastructural disclosure
embeds production information within technical sys-
tems such as provenance metadata and verification
mechanisms rather than relying solely on externally
displayed cues (Adobe 2025; Coalition for Content
Provenance and Authenticity 2023).

Fourth and finally, we integrate these elements into
a unified framework in which GenAlI disclosure influ-
ences evaluation through two complementary inferen-
tial pathways: perceived source attribution and
production-based agent knowledge. The framework
explains how identical disclosure cues may generate
divergent responses depending on how communica-
tive agency is attributed, what production-related
beliefs become salient, and whether those beliefs are
processed heuristically or systematically.

Practically, the paper speaks to an emerging envi-
ronment in which GenAl disclosure is increasingly
institutionalized through regulation and platform
governance, yet without convergence on a single
best disclosure practice. As provenance systems and
platform-level verification cues become more estab-
lished (Adobe 2025; Coalition for Content
Provenance and Authenticity 2023; European
Commission 2024; YouTube 2024), disclosure is no
longer solely a voluntary signaling device but an
expected feature of communicative infrastructure.
Consequently, advertisers, platforms, and regulators
must make disclosure decisions in an environment
where advertiser-led statements, mandated labels,
and embedded provenance signals increasingly coex-
ist, creating uncertainty regarding how production-
related information will be interpreted and evaluated
by consumers. By explaining how such disclosure
conditions shape attribution and evaluation, the
framework offers some guidance for designing more
effective GenAl disclosure practices (ASA 2025;
Federal Trade Commission 2009).
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From Commercial to Production Disclosure

Advertising transparency has long been operationalized
through disclosure, but disclosure processes have rarely
been fully individual or linear because persuasive com-
munications are often produced, distributed, amplified,
and endorsed through multiple interconnected actors
rather than a single identifiable source (Campbell,
Mohr, and Verlegh 2013). Early regulatory and schol-
arly work, shaped by concerns over covert persuasion,
established disclosure as a mechanism for signaling per-
suasive intent and protecting consumer autonomy, par-
ticularly in contexts where commercial influence may
otherwise be obscured (Boerman, Willemsen, and Van
Der Aa 2017; Campbell, Mohr, and Verlegh 2013).
Subsequent research on sponsorship, influencer mar-
keting, and native advertising shows that disclosure
practices are structured by regulatory frameworks and
platform governance as much as by advertiser intent
(Evans et al. 2017; Giuffredi-Kahr, Petrova, and Malar
2022; Kerr et al. 2015; Wojdynski and Evans 2016).

Within this literature, sponsorship disclosure
remains the dominant operationalization of transpar-
ency (Montecchi et al. 2024), typically realized
through explicit cues such as labels or hashtags that
make commercial relationships visible and activate
persuasion knowledge (Boerman, Willemsen, and Van
Der Aa 2017; Friestad and Wright 1994). The distrib-
uted character of disclosure across advertisers, regula-
tors, and platforms has been recognized; however, this
distribution is primarily coordination around a fixed
referent (the commercial relationship) and a declara-
tive cue format attached to the message.

What changes in GenAlI contexts is not distribution
per se but its locus and referent (Chen, Wang, and
Hao 2025). Distribution becomes constitutive rather
than coordinative: it is embedded in the production
and verification pipeline and redefines what disclosure
is about. Whereas sponsorship disclosure centers on
commercial relationships and persuasive intent,
GenAl transparency extends to production processes,
content provenance, and machine involvement, alter-
ing (1) what is disclosed; (2) how disclosure is ren-
dered; and (3) which actors are implicated in
audience inference (Campbell et al. 2022; Castelo, Bos,
and Lehmann 2019; Huh, Nelson, and Russell 2023;
Longoni, Bonezzi, and Morewedge 2019). Disclosure
is no longer confined to declarative cues attached to
messages but increasingly emerges through platform-
level labeling and infrastructural signals linked to con-
tent generation (Rough and Clift 2026), shifting it
from a discrete communicative act to a system-level
condition.
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Table 1. Key dimensions of disclosure in advertising.

Dimension

Commercial disclosure (intent-based)

GenAl disclosure (production-based)

Object of disclosure

Core inference

Evaluative focus

Mechanism of disclosure

Commercial relationships and persuasive intent
Why is this message trying to persuade?
Motives and persuasive intent of the advertiser
Predominantly explicit labels and sponsorship

cues, often standardized or enforced by
platforms and regulators (e.g., “#ad”)

Production conditions: how content is produced
and the role of human and Al involvement

How this message is produced, by whom, and
under what level of human oversight

Production conditions, including generativity,
human oversight, provenance, and
appropriateness

Disclosure rendered through declarative,
regulatory, and infrastructural conditions,
including labels, verification cues, metadata,

Rendering mode

platform-standardized
Structure of accountability

Usually through visible sponsorship cues,
whether brand-provided, publisher-applied, or

Primarily tied to sponsor—publisher relations,
with regulatory and platform oversight

and provenance systems

Disclosure links content generation, platform
governance, verification systems, and
provenance infrastructures

Responsibility distributed across brands,
platforms, model providers, and technical
infrastructures

This shift has three interrelated implications (see
Table 1). First, the object of disclosure shifts. Traditional
sponsorship cues signal commercial relationships and
prompt inferences about persuasive intent. In GenAl
contexts, disclosure signals how content was produced.
Labels such as “Al-generated” or provenance credentials
indicate machine involvement and shift inference from
motive to production, including questions of authorship,
oversight, and autonomy (Adobe 2025; Meta 2024;
YouTube 2024). Empirical evidence shows that such
cues affect perceptions of authenticity, creativity, effort,
and fairness even when persuasive intent is already clear
(Baek, Kim, and Kim 2026; Kirkby, Baumgarth, and
Henseler 2023; Wortel, Vanwesenbeeck, and Tomas
2024; Zhang and Hur 2025), indicating that production
constitutes a distinct object of evaluation.

Second, the mechanism of disclosure changes. In
sponsorship contexts, disclosure is typically rendered
as a visible, declarative cue, whether voluntarily pro-
vided or enforced through platform rules (Montecchi
et al. 2024). Under GenAl, disclosure is increasingly
generated through socio-technical infrastructures.
Generative systems may embed metadata, provenance
standards attach credentials, platforms may apply
detection algorithms, and governance rules determine
how labels are displayed (YouTube 2024). Disclosure
is therefore not only declared; in some settings, it is
also computed or technically surfaced through inte-
grated pipelines that link content production,
embedded signals, platform verification, and policy
enforcement.

Third, the structure of accountability shifts.
Sponsorship disclosure primarily assigns responsibility
to the advertiser, with platforms and regulators
enforcing compliance (Montecchi et al. 2024). In
GenAl contexts, accountability is distributed across
brands, platforms, model providers, and technical

infrastructures. Errors or omissions in AI disclosure
may therefore be attributed to platforms, automated
systems, or governance processes rather than to adver-
tisers alone, reflecting the distribution of perceived
agency across multiple actors (Molina and Sundar
2022; Wang, Lopez, and Okazaki 2025). This aligns
with research in human-machine communication
showing that audiences may attribute agency and
credibility to algorithmic systems (Lee 2024).

Conceptualizing GenAl Disclosure
Defining GenAl Disclosure in Advertising

GenAl disclosure is defined herein as follows: the
presence of a signal indicating the nature and extent of
generative artificial intelligence’s involvement in the
production of advertising or promotional content. As a
result, the framework is concerned specifically with
disclosures of generative Al involvement rather than
AT disclosures more broadly. The definition is anch-
ored in cue availability within the message environ-
ment, such that disclosure refers to the presence of a
production-related cue when audiences encounter the
communication, irrespective of whether it is con-
sciously noticed, accurately interpreted, or correctly
distinguished from AI disclosures more generally.
This treatment follows prior work in advertising dis-
closure, which distinguishes the objective presence of
a disclosure cue from its subsequent recognition and
processing (Boerman, Willemsen, and Van Der Aa
2017; Wojdynski and Evans 2016).

The definition is further bounded to cases in which
GenAl involvement materially shapes the expressive
or persuasive content of the message (ASA 2025).
This aligns with emerging research on Al-generated
content, which shows that audience responses are
contingent on perceived authorship and the extent to



which machine involvement alters the final output
(Castelo, Bos, and Lehmann 2019; Kirk and Givi
2025). GenAl involvement may range from minor
assistance to fully generative production (Hanson,
Carlson, and Pressler 2025; Hartmann, Exner, and
Domdey 2025). The degree to which GenAlI contrib-
utes to the final message is therefore likely to influ-
ence the strength, direction, and type of production-
related inferences that disclosure activates (Longoni,
Bonezzi, and Morewedge 2019). However, we argue
that the presence of disclosure itself is not contingent
on the degree of generative involvement. Rather, dis-
closure exists whenever production-related informa-
tion concerning GenAl involvement is communicated
at the point of exposure, while subsequent recogni-
tion, interpretation, and evaluation remain matters of
consumer processing (Boerman, Willemsen, and Van
Der Aa 2017; Wojdynski and Evans 2016).

Furthermore, GenAl disclosure is distinct from
related constructs often treated interchangeably,
namely transparency and awareness (Chaiken,
Liberman, and Eagly 1989; Friestad and Wright 1994),
and separating these constructs isolates the locus of
effect across signal presence, perceptual uptake, and
inferential processing. Disclosure refers to the exist-
ence of a signal indicating third-party involvement
(Boerman, Willemsen, and Van Der Aa 2017), such as
the use of GenAl. Transparency, by contrast, concerns
the extent to which audiences perceive production
processes as visible, understandable, or accountable
(Kim, Barasz, and John 2019). Awareness refers to
whether the disclosure cue is attended to, recognized,
and correctly interpreted. In reality, a disclosure cue
may be present without generating perceived transpar-
ency if it is ignored, misunderstood, or lacks credibil-
ity, and awareness, while necessary, is not always
sufficient for downstream effects. Indeed, related
empirical work shows that disclosure cues are fre-
quently overlooked or misattributed, and that psycho-
logical responses arise only when such cues are
processed (Luo et al. 2019).

Finally, GenAI disclosure should not be conceptual-
ized as a unitary communicative act but as a disclos-
ure condition that may be rendered through multiple
agents. This shift requires reconsideration of commu-
nicative agency. Building on work in human-machine
communication that recognizes technological actors as
potential sources of communication (Lee 2024; Sundar
2008; Sundar and Nass 2001), we describe communi-
cative agency herein as the locus from which audien-
ces infer that production-related information
originates and where responsibility for communicating
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that information is perceived to reside. In conven-
tional advertising disclosure, communicative agency is
typically located with the advertiser or publisher
responsible for the message (Boerman, Willemsen,
and Van Der Aa 2017; Campbell, Mohr, and Verlegh
2013; Wojdynski and Evans 2016). In GenAlI contexts,
however, agency becomes distributed across brands,
platforms, regulators, and technical infrastructures
involved in generating, verifying, and surfacing pro-
duction-related information (Lee 2024; Sundar 2008).

GenAl Disclosure Rendering Conditions

Drawing on emerging governance practices and plat-
form implementations, we distinguish three disclosure
rendering conditions (so termed because they specify
how production-related information is rendered or
made observable at the point of exposure): declarative
(advertiser-controlled signaling; ASA 2025), regulatory
(mandated  disclosure obligations; European
Commission 2024), and infrastructural (platform- or
system-level disclosure embedded through technical
infrastructures; Coalition for Content Provenance and
Authenticity 2023; YouTube 2024). These rendering
conditions specify how production-related information
becomes visible to audiences and how communicative
agency is distributed across the GenAl advertising
ecosystem. Before discussing each in more detail, it is
also worthwhile noting that their prevalence is contin-
gent on platform governance and regulatory regimes,
and any one condition may dominate, coexist with, or
be absent without altering the underlying explanatory
logic of the framework.

Declarative disclosure refers to signals initiated by
the advertiser or content creator as part of the mes-
sage itself. These disclosures are voluntarily included
and are typically expressed through visible textual or
verbal cues, such as statements indicating that GenAl
tools were used in content creation. This rendering
condition aligns with established sponsorship disclos-
ure practices in which advertisers disclose commer-
cial relationships through labels or statements
(Boerman, Willemsen, and Van Der Aa 2017;
Wojdynski and Evans 2016). Communicative agency
remains primarily located with the advertiser, and
the disclosure is therefore structurally attributable to
brand-level communicative intent. Because declara-
tive disclosure is discretionary, it may function as a
costly signal of transparency and honesty (Giuffredi-
Kahr, Petrova, and Malar 2022), while simultaneously
exposing the brand to negative inferences concerning
authenticity, creativity, or human effort in GenAl
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contexts (Brins and MeifSner 2024;
Baumgarth, and Henseler 2023).

Regulatory disclosure refers to signals imposed
through platform rules, industry standards, or policy
requirements requiring the identification of AI-gen-
erated or Al-manipulated content (e.g., ASA 2025;
European Commission 2024). These disclosures are
not fully controlled by advertisers at the point of
rendering, even where compliance is required
upstream. Instead, they are standardized in format
and placement, reflecting institutional governance
rather than brand-level communicative choice (Kerr
et al. 2015). Contemporary examples include plat-
form-applied labels such as “Al-generated,” “Al
info,” or “altered content” implemented by Meta and
YouTube (Meta 2024; YouTube 2024). Under this
rendering condition, communicative agency is largely
relocated from the advertiser to the institutional
actors responsible for implementing disclosure.
Consequently, audiences may attribute the disclosure
to the platform or regulatory system rather than the
advertiser, altering how responsibility, intentionality,
and credibility are inferred.

Infrastructural disclosure refers to signals generated
through technical systems embedded within the pro-
duction and distribution pipeline. These include prov-
enance metadata, watermarking, content credentials,
and automated verification systems that identify or
authenticate Al-generated content (Adobe 2025;
Coalition for Content Provenance and Authenticity
2023; European Commission 2024). Unlike declarative
disclosure, these signals are not appended during mes-
sage composition but emerge from socio-technical
infrastructures linking content generation, embedded
provenance information, platform verification, and
governance  protocols (Coalition for Content
Provenance and Authenticity 2023). Communicative
agency is therefore no longer attributable to a single
organizational actor but distributed across the tech-
nical architectures responsible for generating, authen-
ticating, and surfacing production information.

Importantly, neither regulatory nor infrastructural
disclosure should be assumed to provide a perfectly
accurate representation of production conditions.
Platform labeling systems may produce false positives
or false negatives, and provenance and verification
infrastructures may be incomplete, unavailable, or
incorrectly interpreted (Adobe 2025; Coalition for
Content Provenance and Authenticity 2023; Meta
2024). For the purposes of the present framework,
however, disclosure operates as a signal at the point
of exposure. Its effects therefore depend primarily on

Kirkby,

the production-related cue encountered by audiences
rather than on the objective accuracy of the underly-
ing classification. Even when disclosure inaccurately
represents production conditions, it may still activate
inferences concerning authorship, oversight, proven-
ance, authenticity, and accountability. The framework
therefore focuses on the interpretive consequences of
disclosure cues rather than on the technical validity of
the systems generating them.

Moreover, the three rendering conditions are ana-
Iytically distinct but not mutually exclusive. A single
communication may simultaneously contain adver-
tiser-declared disclosures, platform-applied labels, and
technically = generated  provenance information
(Schaefer 2024). Rather than representing alternative
disclosure types, these conditions constitute distinct
structural mechanisms through which production-
related information becomes available to audiences.
Their theoretical significance lies not in producing dif-
ferent disclosure effects directly, but in shaping the
attributional environment within which disclosure is
interpreted (Campbell and Marks 2015).

Specifically, each rendering condition distributes
communicative agency differently: declarative disclos-
ure locates agency primarily with advertisers, regula-
tory disclosure shifts agency toward platforms and
regulators, and infrastructural disclosure distributes
agency across socio-technical systems responsible for
generating and verifying production information.
Consequently, what varies across rendering conditions
is where audiences perceive responsibility, intentional-
ity, accountability, and credibility to reside (Schatzki
2025). The rendering conditions are therefore concep-
tualized as structural antecedents to attribution proc-
esses rather than independent psychological constructs
(Weiner 1985). They do not require consumers to
accurately identify their structural origin and are not
theorized as having direct effects on evaluation.
Instead, they shape the signaling environment from
which perceived source attribution emerges, explain-
ing their foundational role in the framework despite
the propositions beginning at the level of consumer
inference.

The Production-Based GenAl Disclosure
Framework: Theory, Evidence, and
Propositions

Having established the nature of GenAI disclosure
and the conditions governing its rendering, we now
turn to our central theoretical question: How does
such disclosure influence consumer evaluations? In
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Declarative disclosure
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Figure 2. Production-based GenAl disclosure framework.

Figure 2, we present a production-based GenAl dis-
closure framework that explains this process. The
framework integrates signaling theory, source credibil-
ity theory, the PKM, and the HSM into a unified
explanatory framework linking disclosure as a socio-
technical signal to downstream evaluations through
source attribution and production-based agent know-
ledge. The sections that follow develop each compo-
nent in turn and formalize the relationships between
them through a set of propositions, and Table 2 sum-
marizes the theoretical foundations and their role
within the framework.

Signaling Production Disclosure

Signaling theory conceptualizes communication as the
transmission of observable cues that reduce informa-
tion asymmetry, with their informational value
depending on factors such as signaling cost, credibil-
ity, intentionality, and context (Connelly et al. 2011;
Spence 1973). In advertising, disclosure has tradition-
ally been interpreted as a signal of honesty, transpar-
ency, or regulatory compliance, with its credibility
depending partly on whether it is perceived as volun-
tary and potentially costly for the advertiser
(Giuffredi-Kahr, Petrova, and Malar 2022; Kirmani
and Rao 2000).

In GenAlI contexts, however, disclosure cannot be
understood as a single signal form because produc-
tion-related information may be rendered through

distinct structural conditions that distribute communi-
cative agency across different actors. Declarative dis-
closure is primarily attributable to advertisers and
therefore reflects voluntary communicative intent.
Regulatory disclosure is attributable to institutional
governance and reflects compliance with platform
rules, industry standards, or legal obligations rather
than discretionary transparency (European
Commission 2024; Federal Trade Commission 2009;
Kerr et al. 2015). Infrastructural disclosure, in turn, is
attributable primarily to socio-technical systems
responsible for generating, verifying, and surfacing
production information through mechanisms such as
provenance metadata, content credentials, and auto-
mated verification systems (Adobe 2025; Coalition for
Content Provenance and Authenticity 2023).

These rendering conditions alter the informational
meaning of disclosure. Importantly, the proposed
distinction does not imply that observable disclosure
cues must differ across rendering conditions. Rather,
visually similar disclosure cues may communicate
different information because they originate from
different structural conditions. Where disclosure is
attributable to advertisers, it may function as a costly
signal reflecting voluntary transparency and reputa-
tional commitment (Giuffredi-Kahr, Petrova, and
Malar 2022; Kirmani and Rao 2000). In contrast,
where disclosure is institutionally imposed, it primar-
ily signals compliance with external governance
regimes rather than voluntary communicative choice
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Table 2. Theoretical foundations and proposed framework extensions.

Theory

Core assumption

Role in traditional disclosure

Extension in GenAl disclosure

Function in framework

Source credibility theory
(Hovland and Weiss
1951)

Persuasion knowledge
model (PKM) (Friestad
and Wright 1994)

Signaling theory (Connelly
et al. 2011; Spence 1973)

Heuristic-systematic model
(Chaiken 1980; Chaiken
and Maheswaran 1994)

Persuasion depends on the
perceived trustworthiness

and expertise of the
source.

Consumers draw on
knowledge about
persuasion agents,
persuasion tactics, and
persuasion attempts to
evaluate persuasion
episodes.

Signals reduce information
asymmetry; their
informational value
depends on signaling
cost, credibility,
intentionality, and
context.

Information is processed
through heuristic or
systematic routes
depending on
consumers’ motivation

Source is typically treated as
stable (e.g., advertiser or
endorser); disclosure
clarifies the commercial
relationship.

Disclosure activates
recognition of persuasive
intent and associated
coping responses.

Disclosure functions as a
voluntary or mandated
signal of honesty,
transparency, or
compliance.

Disclosure often functions
as a heuristic cue
activating persuasion
knowledge.

GenAl disclosure weakens

source stability by
introducing multiple
potential loci of
communicative agency
(advertiser, institutional
actors, socio-technical
systems), making source
attribution an inferential
process.

GenAl disclosure extends the

agent knowledge
component of the PKM by
making production
conditions observable and
activating beliefs about
generativity, human
oversight, provenance
reliability, and normative
appropriateness.

The informational meaning of

disclosure depends on its
rendering condition
(declarative, regulatory, or
infrastructural), which
distributes communicative
agency, accountability, and
signaling cost differently.

GenAl disclosure activates

production-related heuristics
or more systematic
evaluation of production
conditions, depending on
consumers’ motivation and

Mediator: Perceived source
attribution determines
where communicative
agency, credibility, and
responsibility are
assigned.

Mediator: Production-based
knowledge shapes
evaluations of agents
beyond persuasive intent
alone.

Structural antecedent:
Rendering conditions
shape the signaling
environment within
which source attribution
emerges.

Processing mechanism:
Heuristic or systematic
processing translates
production-based agent
knowledge into
consumer evaluations of

and ability.

ability. the advertiser; Al literacy,
domain sensitivity, and
disclosure specificity
determine the
predominant processing

route.

(European Commission 2024; Kerr et al. 2015).
Finally, where disclosure is generated through socio-
technical infrastructures, it primarily signals content
provenance, verification, or classification rather than
discretionary  advertiser intent (Adobe  2025;
Coalition for Content Provenance and Authenticity
2023; Lee 2024).

Although audiences may not always accurately
identify which rendering condition generated a par-
ticular disclosure cue, we suggest that these structural
differences remain theoretically important because
they shape the attributional environment within which
consumers infer communicative agency, responsibility,
credibility, and production involvement (Connelly
et al. 2011; Wang, Lopez, and Okazaki 2025). As
declarative, regulatory, and infrastructural disclosures
increasingly coexist within the same communication
environment, GenAl disclosure is better understood
as a set of socio-technical signaling conditions rather
than as a single, homogeneous disclosure signal. This
in turn extends signaling theory by showing that the

informational meaning of GenAl disclosure depends
not only on the disclosure cue itself but also on the
structural rendering condition through which it is
communicated, thereby shaping the inferential proc-
esses through which consumers evaluate Al-mediated
communications (Connelly et al. 2011; Wang, Lopez,
and Okazaki 2025).

Perceived Source Attribution under Production
Ambiguity

Source credibility theory holds that persuasion
depends on the perceived trustworthiness and expert-
ise of a communicator (Hovland and Weiss 1951). In
advertising, the communicator is typically treated as a
stable and identifiable source, most often the brand or
an endorsed spokesperson, with disclosure serving to
clarify the nature of the commercial relationship
(Boerman, Willemsen, and Van Der Aa 2017).
Because credibility depends on the source that audien-
ces perceive rather than on the objectively originating



source (Hovland and Weiss 1951), understanding how
audiences infer the source of GenAl disclosure
becomes central to explaining its persuasive effects.
Under GenAlI disclosure, however, this assumption of
source stability is weakened. Disclosure cues fore-
ground production processes and introduce multiple
potential loci of communicative agency, including
advertisers, institutional actors, and socio-technical
systems, none of which is necessarily dominant at the
point of exposure.

Research in computer-mediated communication
demonstrates that source attribution is not fixed but
is constructed through interaction with technological
affordances (Sundar 2008; Sundar and Nass 2001).
The MAIN model, for example, shows that modality,
agency, interactivity, and navigability cues function as
heuristic source cues, allowing interfaces and techno-
logical systems to be treated as communicative agents
(Sundar 2008). Evidence from human-AI communica-
tion indicates that transparency and Al-related cues
influence trust and evaluation (Molina and Sundar
2022). Extending this logic, we argue that disclosure
cues may shape evaluations even when consumers
cannot accurately identify the structural conditions
through which those cues were rendered. Similarly,
emerging research on GenAl disclosure demonstrates
that production-related cues influence perceptions of
authenticity, competence, sincerity, and trust (Schilke
and Reimann 2025), suggesting that audiences form
source-related inferences even under conditions of
production ambiguity (Briins and Meifiner 2024;
Kirkby, Baumgarth, and Henseler 2023; Wang, Lopez,
and Okazaki 2025). Collectively, this evidence suggests
that disclosure cues can function as source cues even
when their structural origin remains uncertain or only
partially understood.

Accordingly, source attribution is better concep-
tualized as an inferential process rather than a direct
mapping between disclosure cues and objective sour-
ces. Structural origin and perceived source may
diverge, with audiences attributing communicative
agency to advertisers, institutional actors, or socio-
technical systems irrespective of the actual rendering
condition (Epley, Waytz, and Cacioppo 2007; Sundar
2008). For example, platform-generated disclosure
may be interpreted as evidence of advertiser transpar-
ency, whereas advertiser-declared disclosure may be
attributed to regulatory pressure or automated plat-
form enforcement (Wojdynski and Evans 2016).
Consequently, GenAl disclosure is not expected to
influence consumer evaluations of the advertiser dir-
ectly. Rather, its influence is mediated by perceived
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source attribution, which determines whether disclos-
ure is interpreted as primarily brand-, institution-, or
system-driven.

Drawing on source credibility theory, these attribu-
tional outcomes shape perceptions of both trust-
worthiness and expertise (Hovland and Weiss 1951).
Advertiser attribution may enhance perceptions of
transparency and accountability; institutional attribu-
tion may signal independent oversight and verification
capability; and attribution to socio-technical systems
may increase perceptions of procedural expertise and
reliability, even as it raises questions regarding
authenticity and human judgment (Lee 2024).
Consequently, different attributional outcomes may
give rise to different evaluative responses even when
consumers encounter identical disclosure
Integrating the preceding signaling and source attribu-
tion arguments, we propose the following:

cues.

Proposition 1: The effect of GenAl disclosure on
consumer evaluations of an advertiser is mediated by
perceived source attribution, such that the attribution of
communicative agency to advertisers, institutional
actors, or socio-technical systems influences perceptions
of source trustworthiness and expertise, thereby shaping
evaluations of authenticity, sincerity, and trust.

Production-Based Agent Knowledge within
the PKM

The PKM explains how individuals draw on know-
ledge about persuasion agents, persuasion tactics, and
persuasion attempts to interpret and respond to mar-
keting communications (Friestad and Wright 1994).
In sponsorship and native advertising contexts, dis-
closure typically supports this process by making per-
suasive intent explicit and enabling audiences to
recalibrate trust or skepticism accordingly (Boerman,
Willemsen, and Van Der Aa 2017). GenAl disclosure,
however, expands the information available for evalu-
ating persuasion agents. Rather than communicating
persuasive motive alone, disclosures such as “Al-gen-
erated” foreground the conditions under which pro-
motional content was produced by indicating that
generative Al contributed to message creation.
Importantly, unlike conventional production tools
such as Photoshop, for which editing generally
remains attributable to a human creator (Castelo, Bos,
and Lehmann 2019; Longoni, Bonezzi, and
Morewedge 2019), GenAl disclosure can introduce
ambiguity concerning authorship and the respective
roles of humans and computational systems in con-
tent generation (Molina and Sundar 2022; Sundar
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2008). Consequently, consumers evaluate not only
why a persuasion attempt is made but also how per-
suasive content was produced and what that produc-
tion implies for evaluating the persuasion agent
(Zhang and Hur 2025).

For instance, emerging empirical evidence demon-
strates that these production-related evaluations oper-
ate even when persuasive intent is already recognized
(Grigsby, Michelsen, and Zamudio 2025). Disclosure
of Al use can increase perceived transparency while
simultaneously increasing skepticism or perceived
manipulativeness (Baek, Kim, and Kim 2026); amplify
skepticism without increasing perceived deception
(Wortel, Vanwesenbeeck, and Tomas 2024); and
reduce perceived creativity through inferences about
diminished human effort (De Freitas, Nave, and
Puntoni 2025; Zhang and Hur 2025). In specific con-
texts, AI disclosure has also been shown to evoke con-
cerns regarding authenticity and moral
appropriateness (Kirk and Givi 2025; Schilke and
Reimann 2025). Related evidence further demonstrates
that Al-generated content disclosure can reduce con-
sumer engagement by weakening parasocial relation-
ships through reduced perceptions of human effort,
even after controlling for content quality and general
Al aversion (Carney, Riveros, and Tully 2026).
Collectively, these findings suggest that consumers
evaluate persuasion agents not only in terms of per-
suasive intent but also in terms of the production
processes underlying persuasive communication.

These findings raise an important theoretical ques-
tion concerning the scope of agent knowledge within
the PKM. The model traditionally emphasizes con-
sumers’ beliefs about persuasion agents, including
their motives, capabilities, strategies, and intentions
(Friestad and Wright 1994). GenAl disclosure, how-
ever, makes visible an additional set of agent-related
beliefs concerning how advertising content was pro-
duced. We therefore argue that GenAl disclosure acti-
vates production-based agent knowledge, defined as
consumers’ beliefs about how persuasive content was
generated and what those production processes imply
for evaluating the persuasion agent. Rather than
replacing beliefs about agent motives and intentions,
production-based agent knowledge extends the agent
knowledge component of the PKM (Friestad and
Wright 1994) by incorporating production-related
beliefs that become salient when GenAI disclosure
renders production processes observable.

Production-based agent knowledge encompasses
four interrelated dimensions: the degree of generativ-
ity involved in producing the message, the level of

human oversight exercised during content creation,
the reliability of provenance and verification systems,
and the normative appropriateness of Al use within a
given context. These beliefs may inform broader eval-
uations of persuasion agents by shaping perceptions
of authenticity, effort, legitimacy, accountability, and
fairness (Koning and Voorveld 2025; Voorveld,
Meppelink, and Boerman 2024). Although produc-
tion-related beliefs may inform judgements about
agent motives and persuasive intent, they are not
reducible to motive attribution alone. Instead, they
broaden the agent knowledge consumers draw upon
when evaluating persuasive communications involving
GenAL

Thus, we expect production-based agent knowledge
to become particularly influential when persuasive
intent is already explicit, held constant, or weakly
diagnostic, such that variation in evaluation is more
likely to arise from production-related beliefs than
from differences in motive attribution. This expect-
ation is consistent with prior research demonstrating
that AI disclosure can alter consumer evaluations
without corresponding changes in perceived persua-
sive intent (Baek, Kim, and Kim 2026; Wortel,
Vanwesenbeeck, and Tomas 2024), suggesting that
production-related beliefs contribute to persuasion
outcomes beyond traditional intent-based evaluations
(Friestad and Wright 1994; Zhang and Hur 2025). We
therefore suggest:

Proposition 2: GenAlI disclosure activates production-
based agent knowledge concerning generativity, human
oversight, provenance reliability, and normative
appropriateness, which mediates the effect of disclosure
on consumer evaluations of the advertiser, including
perceptions of authenticity, creativity, and trust.

Processing Route: Heuristic Cues and Systematic
Evaluation

The HSM distinguishes between two modes of infor-
mation processing: heuristic processing, which relies
on readily accessible heuristics under relatively low
cognitive effort, and systematic processing, which
involves more effortful evaluation of available infor-
mation depending on individuals’ motivation and
ability (Chaiken 1980; Chaiken and Maheswaran
1994). This distinction also requires separating heuris-
tics from heuristic processing. Rather than represent-
ing a processing mode, heuristics are learned decision
rules or cognitive shortcuts that may be relied upon
under heuristic processing or critically evaluated dur-
ing systematic processing (Gigerenzer and Gaissmaier



2011; Todorov, Chaiken, and Henderson 2002; West,
Acar, and Caruana 2020). In the context of GenAl
disclosure, the presence of a cue such as an “Al-gen-
erated” label does not require consumers to identify
the actor or system responsible for rendering the
disclosure in order to influence evaluation. Instead,
it activates readily accessible production-related heu-
ristics concerning machine involvement, human
effort, authorship, authenticity, and oversight.
Consistent with the HSM, such heuristics may serve
as direct judgment shortcuts under heuristic proc-
essing or be evaluated alongside other information
under systematic processing (Todorov, Chaiken, and
Henderson 2002).

Consistent with the HAII-TIME framework
(Sundar 2020), disclosure functions as an Al cue that
activates machine heuristics, triggering learned associ-
ations about automation, authorship, and creative
effort. These associations operate as direct cue-judg-
ment mappings. For instance, disclosure may prompt
inferences of reduced human effort, which in turn
lowers perceived creativity, or it may signal automa-
tion, which diminishes perceived authenticity (Carney,
Riveros, and Tully 2026). Platform-applied labels can
similarly function as cues that content has been sub-
jected to platform governance or rule-based classifica-
tion. Rather than requiring detailed evaluation of the
underlying production or verification process, such
cues may shape judgements through heuristic infer-
ence, consistent with evidence that transparency cues
can influence trust and evaluation in human-AI inter-
action contexts (Molina and Sundar 2022). In this
way, disclosure functions as a cognitively efficient
input into evaluation, and its effects do not depend
on accurate identification of its structural origin.

When consumers engage in more systematic proc-
essing, however, disclosure cues are no longer treated
as sufficient evidence in themselves (Chaiken and
Maheswaran 1994). Instead, these cues direct attention
toward production information and encourage more
deliberate evaluation of its implications. Judgements
become contingent on contextual considerations,
including normative expectations within the domain,
the perceived appropriateness of AI use, and the
extent of human oversight. In domains where human
input is considered central, such as creative or moral
appeals, AI involvement may reduce perceived
authenticity or sincerity (Arango, Singaraju, and
Niininen 2023; Kirk and Givi 2025; Wu, Dodoo, and
Wen 2025). Conversely, in contexts where techno-
logical competence is valued, the same disclosure cue
may enhance perceptions of innovation or capability.
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Consumers may also distinguish between GenAlI used
for augmentation and GenAl used for substitution,
evaluating the former more favorably when meaning-
ful human involvement remains evident (Voorveld,
Meppelink, and Boerman 2024). Thus, GenAlI disclos-
ure increases the salience of production-related infor-
mation, but its evaluative consequences depend on
whether the resulting source attributions and produc-
tion-based beliefs are processed through rapid heuris-
tic associations or through more effortful, context-
sensitive reasoning. In the following section, we dis-
cuss the key factors determining which processing
route predominates.

Motivation and Ability as Determinants of
Processing

Consistent with the HSM, whether consumers rely
primarily on heuristic or systematic processing
depends on their motivation and ability to evaluate
available information (Chaiken 1980; Chaiken and
Maheswaran 1994). Within the proposed framework,
we put forward that domain sensitivity, Al literacy,
and disclosure specificity jointly determine these proc-
essing conditions and, consequently, how GenAI dis-
closure influences evaluation. Domain sensitivity
reflects the extent to which a context places value on
authenticity, human authorship, and process visibility
rather than performance or efficiency alone (Mousavi
and Villanova 2026; Napoli et al. 2014). In highly sen-
sitive domains, such as creative production, luxury,
journalism, or personalized communication, produc-
tion information is evaluatively diagnostic because
authenticity and human effort constitute central judg-
ment criteria. In less sensitive domains, including rou-
tine information services or functional outputs,
evaluations are less contingent on how content was
produced.

Consumers’ Al literacy reflects their understanding
of GenAl capabilities, limitations, and appropriate use
and shapes how production-related information is
interpreted (Long and Magerko 2020; Tully, Longoni,
and Appel 2025). Lower Al literacy encourages reli-
ance on heuristics concerning automation, effort, and
risk (Chaiken 1980; Sundar 2008), whereas higher Al
literacy supports more differentiated evaluation of
production conditions, including distinctions between
levels of human oversight, forms of AI augmentation,
and degrees of generativity (Castelo, Bos, and
Lehmann 2019; Longoni, Bonezzi, and Morewedge
2019). Consequently, identical disclosure cues are
more likely to produce simplified or categorical
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evaluations among consumers with limited AI literacy
and more contingent, context-sensitive evaluations
among those with greater literacy.

Disclosure specificity determines the amount of
diagnostic information available for evaluation.
General disclosures, such as “Al-generated,” provide
relatively limited information and therefore encour-
age reliance on broad heuristic associations
(Boerman, Willemsen, and Van Der Aa 2017;
Wojdynski and Evans 2016). More specific disclo-
sures explaining the nature of Al involvement, par-
ticularly the extent of human oversight or the role of
GenAl within the production process, provide richer
diagnostic information that supports more systematic
evaluation. Such disclosures can shift interpretation
from AI substitution toward AI augmentation,
thereby altering downstream evaluations (Longoni,
Bonezzi, and Morewedge 2019; Voorveld, Meppelink,
and Boerman 2024).

Together, these factors determine consumers’
motivation and ability to evaluate production-related
information and, consequently, whether heuristic or
systematic processing is more likely to predominate.
Domain sensitivity increases motivation by determin-
ing the evaluative importance of authenticity, human
authorship, and production processes. Because motiv-
ation and ability are distinct determinants of process-
ing, consumers may be highly motivated yet lack the
knowledge required to interpret production-related
information, or possess substantial AI knowledge
while regarding such information as relatively unim-
portant for Consumers’ Al literacy
increases their ability to interpret production-related
information, whereas disclosure specificity determines
whether sufficient diagnostic information is available
to support systematic evaluation or whether consum-
ers rely primarily on heuristic inference (Chaiken and
Maheswaran 1994; Sundar 2008). As a result, we
expect the following:

evaluation.

Proposition 3a: Higher domain sensitivity, greater Al
literacy, and higher disclosure specificity increase
systematic ~ processing  of  production-related
information.

Proposition 3b: Lower domain sensitivity, lower Al
literacy, and lower disclosure specificity increase
reliance on heuristic processing.

Taken together, the proposed framework explains
why GenAl disclosure often produces inconsistent and
seemingly contradictory effects. Existing disclosure
theories largely assume that disclosure operates by
making persuasive intent visible, leading to relatively
predictable attributional and evaluative responses

(Boerman, Willemsen, and Van Der Aa 2017; Friestad
and Wright 1994). GenAl disclosure differs because it
renders production conditions visible, introducing an
additional basis for evaluation alongside persuasive
intent. Consequently, identical disclosure cues may
generate divergent responses depending on how com-
municative agency is attributed, what production-
related beliefs become salient, and whether those
beliefs are processed heuristically or systematically.

The framework therefore reframes disclosure not
simply as a mechanism for reducing information
asymmetry, but as a production-related signal capable
of activating multiple evaluative pathways simultan-
eously. In doing so, it helps explain why GenAI dis-
closure may increase perceptions of transparency,
accountability, or honesty while simultaneously dimin-
ishing authenticity, creativity, relational warmth, or
perceived human effort (Baek, Kim, and Kim 2026;
Kirk and Givi 2025; Wortel, Vanwesenbeeck, and
Tomas 2024; Zhang and Hur 2025). Rather than pro-
ducing uniformly positive or negative effects, disclos-
ure redistributes attention across multiple evaluative
criteria, including trustworthiness, authenticity, cre-
ativity, fairness, effort, and accountability. This pro-
vides a theoretical explanation for the mixed empirical
findings that characterize the emerging GenAl disclos-
ure literature and suggests that disclosure effects
are inherently multidimensional rather than
unidirectional.

Implications for Advertising Theory and
Practice

Theoretical Contributions

This article advances advertising theory by defining
GenAl disclosure and showing that GenAl disclosure
shifts the primary referent of disclosure from persua-
sive intent to production conditions. Prior work has
conceptualized advertising disclosure primarily as a
mechanism for making persuasive intent visible, with
disclosure functioning to signal commercial relation-
ships and activate coping mechanisms within the
PKM (Boerman, Willemsen, and Van Der Aa 2017;
Friestad and Wright 1994; Wojdynski and Evans
2016). In GenAl contexts, however, disclosure increas-
ingly communicates how content was generated,
including the degree of machine involvement, human
oversight, and content provenance. Emerging empir-
ical work demonstrates that GenAl disclosure affects
perceptions of authenticity, creativity, effort, and fair-
ness even when persuasive intent is already recognized
(Baek, Kim, and Kim 2026; Kirk and Givi 2025;



Zhang and Hur 2025). These effects are not fully
explained by motive recognition alone, indicating that
production conditions constitute a distinct object of
consumer evaluation.

Building on this shift, the article extends the PKM
by conceptualizing production-based agent knowledge
as an extension of the agent knowledge component of
the model, operating together with traditional inten-
tion-based agent inferences (Friestad and Wright
1994). Existing applications of the PKM primarily
explain how consumers interpret the intentions and
tactics of persuasion agents. In contrast, GenAl dis-
closure activates beliefs about the conditions under
which content is produced, including perceptions of
generativity, human oversight, provenance reliability,
and the normative appropriateness of Al use within a
given context. Research showing that consumers
evaluate Al-generated outputs in terms of effort,
authenticity, and moral acceptability independently of
persuasive intent supports this extension (Castelo,
Bos, and Lehmann 2019; Kirk and Givi 2025;
Longoni, Bonezzi, and Morewedge 2019). The frame-
work therefore clarifies that production-based agent
knowledge is not simply a proxy for motive attribu-
tion but a distinct evaluative mechanism that becomes
salient when production conditions are rendered
visible.

The article also extends signaling theory by concep-
tualizing disclosure as a structurally heterogeneous
and multi-origin signal rather than a uniform commu-
nicative cue. Disclosure may originate from multiple
loci of control, including brands, regulators, platforms,
and technical infrastructures, each of which shapes
perceived intentionality, accountability, credibility, and
signaling cost differently (Giuftredi-Kahr, Petrova, and
Malar 2022; Kerr et al. 2015; Spence 1973). Most not-
ably, infrastructural disclosure represents a conceptual
shift in which production-related information
becomes embedded within the technical substrate of
content through metadata, provenance credentials,
and automated verification systems (Adobe 2025;
Coalition for Content Provenance and Authenticity
2023). Unlike conventional disclosure, the visibility of
production information is no longer dependent solely
on an advertiser’s communicative choice but may per-
sist through technical infrastructures embedded within
the content itself. Building on research demonstrating
that technological systems can function as communi-
cative actors in digital environments (Molina and
Sundar 2022; Sundar 2008), we extend this perspective
by arguing that infrastructural disclosure redistributes
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perceived communicative agency across advertisers,
platforms, regulators, and socio-technical systems.
Finally, the article proposes a unified explanatory
framework in which GenAl disclosure influences
evaluation through two complementary inferential
pathways: perceived source attribution and produc-
tion-based agent knowledge. Drawing on source cred-
ibility theory, the PKM, signaling theory, and the
HSM (Chaiken and Maheswaran 1994; Friestad and
Wright 1994; Hovland and Weiss 1951; Spence 1973),
disclosure is modeled as a socio-technical cue whose
effects depend on how communicative agency is attri-
buted, what production-related beliefs become salient,
and whether those beliefs are processed heuristically
or systematically. Because communicative agency is
distributed across human and technical actors, disclos-
ure effects do not depend on precise source identifica-
tion; even unresolved attribution can shape evaluative
responses (Sundar 2008). The framework therefore
provides a mechanism for explaining why identical
GenAl disclosure cues may produce divergent out-
contexts, and evaluative
dimensions, helping reconcile the mixed findings
emerging within the GenAl disclosure literature.

comes across consumers,

Practical Implications

Our framework suggests that GenAl disclosure should
not be treated as a simple question of whether to dis-
close AI involvement. Its effects depend on how dis-
closure is rendered, who is perceived to be responsible
for it, and what audiences infer from it. In practice,
disclosure is not a single design choice, but a condi-
tion shaped by multiple actors and interpreted in dif-
ferent ways. Table 3 summarizes key managerial
implications of the framework.

For advertisers, the framework suggests that dis-
closure strategy cannot be separated from production
strategy. When brands voluntarily disclose GenAI use,
they make visible a production decision that may sim-
ultaneously increase perceptions of transparency while
reducing perceptions of authenticity, creativity, or
human effort. Declarative disclosure therefore presents
both opportunity and risk. Rather than viewing dis-
closure as inherently beneficial or detrimental, firms
should frame GenAl as augmenting rather than
replacing human expertise wherever this framing
accurately reflects production practice, while making
meaningful human oversight visible where it exists.
Disclosure strategy should therefore be aligned with
broader brand positioning rather than implemented as
a uniform best practice.
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Table 3. Practical implications of the proposed framework.

Stakeholder Framework insight

Implication for practice

Advertisers
agency to the brand and makes production
decisions visible.

Platforms Regulatory disclosure attributes communicative
agency to institutional governance and
standardizes disclosure practices.

Regulators Disclosure effectiveness depends on

interpretation rather than visibility alone.

Infrastructure providers Infrastructural disclosure renders production-
related information visible through

provenance and verification technologies.

Declarative disclosure attributes communicative

Frame GenAl as augmentation rather than substitution where
appropriate; communicate meaningful human oversight; align
disclosure with brand positioning and category expectations.

Design disclosure labels that are consistent, prominent, and
sufficiently informative; recognize that disclosure design
influences consumer attribution and evaluation, not simply
regulatory compliance.

Evaluate disclosure policies according to behavioral outcomes as
well as compliance; recognize that identical disclosure labels
may produce different consumer responses across contexts.

Develop provenance systems that produce meaningful and
interpretable production information; recognize that verification
infrastructures function as communication mechanisms as well
as technical standards.

The framework further indicates that managerial
control over disclosure is increasingly constrained by
platform governance and regulatory requirements.
Platform-applied disclosures attribute communicative
agency primarily to institutional actors rather than
advertisers and may therefore influence evaluations
independently of brand intentions. Organizations
should anticipate platform-generated disclosure,
understand evolving regulatory requirements, and
ensure that creative executions remain appropriate
under likely disclosure conditions rather than assum-
ing that messaging alone determines consumer
responses.

Beyond advertiser- or platform-generated disclos-
ure, production information is increasingly communi-
cated through technical infrastructures such as
provenance credentials, content credentials, water-
marking, and verification systems. As these infrastruc-
tures become more widely adopted, production-
related information becomes increasingly embedded
within digital content and less dependent on voluntary
disclosure alone. Organizations should therefore
assume that production-related information may
become observable regardless of whether they volun-
tarily disclose GenAl use and ensure that production
workflows, documentation, and human oversight
practices are consistent with the information that
technical verification systems may reveal.

The framework also has implications for platform
designers and regulators. Disclosure labels do more
than satisfy disclosure and governance requirements;
they shape source attribution, activate production-
related beliefs, and influence subsequent evaluation.
Consequently, disclosure policies should be designed
not only to maximize visibility or regulatory compli-
ance but also to facilitate accurate consumer interpret-
ation.  Similarly,  developers  of  provenance
infrastructures should recognize that technical verifi-
cation  systems  function  simultaneously as

communication systems. The way production infor-
mation is generated, verified, and surfaced influences
how communicative agency is attributed and how
brands are subsequently evaluated.

Finally, the framework suggests that GenAI disclos-
ure is unlikely to produce uniformly positive or nega-
tive effects. Instead, its consequences depend on how
production information is rendered, the attributional
inferences consumers draw, the production-related
beliefs that are activated, and the extent to which infor-
mation is processed heuristically or systematically.
Disclosure decisions should therefore be aligned with
category norms, audience characteristics, and strategic
positioning rather than treated as universal best prac-
tice. More broadly, organizations should integrate dis-
closure strategy with production governance, platform
requirements, and provenance management, recogniz-
ing that meaningful transparency increasingly depends
on the coordination of communication, technology,
and governance rather than on disclosure cues alone.

Beyond effectiveness considerations, the framework
highlights that production disclosure raises ethical
questions distinct from those traditionally associated
with persuasive intent disclosure. If disclosure increas-
ingly communicates how content was created rather
than solely why it was created, organizations face ethical
responsibilities concerning the transparency of produc-
tion practices, human oversight, and the appropriate
use of generative systems. As a result, disclosure deci-
sions should be evaluated not only in terms of their
impact on trust or persuasion but also in terms of
accountability and consumers’ ability to make informed
judgements about Al-mediated communications.

Conclusion

This paper reconceptualizes disclosure in Al-mediated
advertising by shifting the analytical focus from per-
suasive intent to production conditions. In doing so,



we develop a framework that explains how GenAl dis-
influences consumer evaluations through
source attribution, production-based agent knowledge,
and the processing mechanisms through which pro-
duction-related information is interpreted. While we
have sought to define these concepts and relationships
as clearly and precisely as possible, the conceptual
work presented herein is subject to the following few
limitations.

The distinction between rendering conditions is
specified analytically and may not be perceptually sep-
arable in practice because audiences may not reliably
identify or attend to their structural origin (Lee 2024).
In addition, the framework is developed in the context
of current platform and regulatory conditions, which
are evolving rapidly and may alter how disclosure is
implemented and interpreted over time. Because the
framework is conditional on cue presence rather than
on specific institutional arrangements, its empirical
salience will vary with platform governance and regu-
latory regimes. Changes in these regimes may
increase, reduce, or eliminate observable disclosure,
thereby affecting when and how production-based
agent knowledge becomes salient without rendering
the underlying process obsolete. Moreover, infrastruc-
tural disclosure mechanisms depend on system adop-
tion and integrity and may be incomplete or
circumvented (Rough and Clift 2026), potentially
affecting the availability and interpretation of produc-

closure

tion-related information. The effects specified are also
contingent on processing route and may differ
depending on whether disclosure is interpreted
through heuristic associations or more systematic
evaluation of production conditions.

These limitations point to several directions for
future research. Empirical work is needed to test the
proposed relationships between disclosure rendering
conditions, source attribution, production-based agent
knowledge, and consumer evaluations, including the
extent to which audiences distinguish or conflate dif-
ferent forms of disclosure. Research should also exam-
ine how processing varies under different levels of
attention and involvement, and how production-based
agent knowledge interacts with established forms of
persuasion knowledge. Lastly, further work is needed
to explore boundary (e.g., Arango,
Singaraju, and Niininen 2023; Chen, Wang, and Hao
2025), including variation across product categories,
cultural contexts, and platform environments, as well
as the role of emerging provenance and labeling sys-
tems in shaping attribution, trust, and evaluation.

conditions
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As GenAl becomes embedded in everyday market-
ing practice, the central challenge will no longer be
whether AI use is disclosed, but how production
transparency can be implemented in ways that sup-
port understanding, accountability, and trust.
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